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Abstract

Digital finance in India has been transformed by the Unified Payments Interface (UPI)
ecosystem, yet the specific service-design mechanisms that convert casual transaction
activity into sustained user engagement remain empirically under-examined. This study
investigates the influence of three service-design dimensions—Touchpoint Usability (TU),
Blueprint Reliability (BR), and Lifestyle Functionality (LF)—on overall User Engagement
(UE) with fintech payment applications in India. Using a descriptive-cum-diagnostic
research design, primary data were collected from 200 dual-literate digital-finance users
through a structured, closed-ended questionnaire anchored on a five-point Likert scale. Data
were analysed using percentage analysis, Cronbach's alpha reliability testing, the Chi-square
test of association, Pearson correlation, multiple linear regression, and Exploratory Factor
Analysis (Principal Component Analysis with Varimax rotation) using IBM SPSS. All Chi-
square tests (25 cross-tabulations spanning age, gender, education, occupation, and income)
were statistically significant (p < .05), confirming pronounced demographic-based "service
design asymmetry." The Kaiser-Meyer-Olkin measure (KMO = 0.837) and Bartlett's test of
sphericity (y* (210) = 3729.92, p < .001) confirmed the suitability of the data for factor
analysis, which extracted four latent components explaining 72.83% of total variance.
Multiple regression revealed that Lifestyle Functionality was the sole significant predictor of
User Engagement (f = 0.77, p < .001), with the overall model explaining 62.4% of the
variance in engagement (R? = 0.624, F(3,196) = 108.56, p < .001), while Touchpoint
Usability and Blueprint Reliability, though highly rated, did not independently predict
engagement once Lifestyle Functionality was accounted for. The findings suggest that
reliability and usability function as "hygiene factors" that are necessary but not sufficient for
engagement, whereas lifestyle-oriented, gamified, and habit-forming features are the true
engagement drivers. The study concludes with managerial recommendations for fintech
platforms and traditional banks seeking to close the interface-engagement gap.
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1. INTRODUCTION

Service design asymmetry serves as a critical strategic
differentiator in the digital finance landscape, transcending
mere functional architecture. By deconstructing the disparate
levels of design maturity, navigational intuitiveness, and
transactional transparency across competing platforms, this
study reveals how micro-interactions—such as error recovery
and feature richness—directly influence macro-level consumer
loyalty and market migration, effectively redefining how users
engage with financial technology.

The Indian UPI ecosystem acts as an unparalleled case study for
this investigation, characterised by staggering growth reaching
over 3314 lakh crore in annual transaction value. While a
duopoly between PhonePe and Google Pay currently dominates
with a combined majority of transaction volume, challenger
applications are actively disrupting these margins through
targeted design strategies. This dynamic environment exposes
the limits of relying solely on uniform backend infrastructure,
proving that platform success in this saturated market is
increasingly predicated on distinct frontend experiences (Kiran
& Sailaja, 2025).

Current industry trends show an aggressive push toward "super-
app" integration, with platforms diversifying into digital gold,
personal lending, and lifestyle services to capture consumer
attention and daily "screen time." This expansion is unfolding
under intense regulatory scrutiny, specifically the National
Payments Corporation of India's (NPCI) market-concentration
norms, which push dominant platforms to pivot from volume-
based acquisition toward value-driven retention. Consequently,
niche applications are gaining traction by aligning their service
blueprints with the specific behavioural needs of distinct
demographic cohorts, such as younger digital natives or high-
net-worth individuals.

Moving beyond traditional technology-adoption models, this
research bridges the gap in granular, design-centric empirical
analysis. Rather than treating "service design" as a single,
undifferentiated construct, this study decomposes it into three
theoretically and empirically distinct dimensions: Touchpoint
Usability (the front-end interface and navigational ease),
Blueprint Reliability (the back-end operational stability,
security, and transactional trustworthiness), and Lifestyle
Functionality (the extent to which the platform embeds itself
into daily, non-transactional routines through gamification,
rewards, and consolidated financial management). By
empirically testing how each of these dimensions relates to
overall User Engagement among 200 active fintech users in
Ahmedabad, Gujarat, the study quantifies the impact of service-
design asymmetry on the psychological and behavioural
mechanisms that sustain platform loyalty.

Ultimately, this study demonstrates that the future of FinTech in
emerging economies depends less on infrastructural
participation and more on the mastery of seamless, trust-
building, and engagement-oriented service design. The
remainder of this paper is organised as follows: Section 2
reviews the extant literature and identifies the research gap;
Section 3 details the research methodology; Section 4 presents
the data analysis and statistical results; Section 5 discusses the

key findings; and Sections 6 through 8 offer suggestions,
managerial implications, and concluding remarks.

2. CONCEPTUAL FRAMEWORK

The conceptual framework of this research posits that service
design in digital finance is an interdisciplinary paradigm,
merging user-experience (UX) design, process engineering, and
behavioural economics to construct a seamless transactional
journey (Stickdorn & Schneider, 2011). Effective service
design extends beyond mere interface aesthetics: it requires a
comprehensive orchestration of the service lifecycle—from
initial trigger to final feedback—thereby transforming a
transactional utility into an engagement-centric financial
ecosystem.

2.1 Service Blueprint and the Customer Usage Interface

At the core of this framework lies the critical distinction
between the Service Blueprint and the Customer Usage
Interface (CUI). The blueprint serves as the operational
backbone, meticulously aligning front-stage interactions with
the complexities of back-stage validations, such as NPCI and
bank-server pings (Shostack, 1982, 1984). Simultaneously, the
CUI acts as the primary gateway for user interaction, where the
quality of design dictates the platform's perceived usability.
Platforms that optimise their CUI to harmonise aesthetic appeal
with functional clarity effectively lower the user's cognitive
load, thereby facilitating high-frequency usage in a market
where task-oriented efficiency is paramount (Nielsen, 1994).

2.2 Customer Experience, Trust, and Engagement

Beyond simple transactional utility, modern consumers seek
trust and psychological transparency, particularly during
periods of transaction latency or failure. By incorporating
mechanisms that explicitly reduce anxiety—such as intuitive
error messaging, transparent status updates, and confirmation
cues—platforms foster a profound sense of institutional
reliability (Kaushik et al., 2020). This emotional resonance is
significantly — amplified through carefully engineered
engagement loops, including gamification, personalised
rewards, and data-driven insights (Hamari, Koivisto, & Sarsa,
2014). These strategies successfully transition the user from a
passive, occasional transaction executor to an active, long-term
participant within the platform's burgeoning ecosystem, thereby
securing brand loyalty.

2.3 The Lifestyle-Integration (" Super-App') Phase

Finally, the transition to complex lifestyle features—the
‘upgradation' phase—represents the ultimate evolution of this
conceptual framework. As platforms mature into 'super-apps,'
the strategic integration of diverse financial products, including
digital gold, insurance, and wealth-management tools,
necessitates a delicate architectural balance. Successful
platforms avoid the pitfalls of feature bloat by ensuring these
additions are contextually relevant and seamlessly embedded,
thereby enhancing average revenue per user without
compromising the integrity of the primary payment interface.
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2.4 Explanation of Study Constructs

2.4.1 Touchpoint Usability (TU)

Touchpoint Usability captures how quickly and effortlessly a
user can accomplish a financial goal within the application—
visual clarity, minimal-step transaction completion, low
cognitive load in navigation, layout efficiency, and accessibility
of financial information. With hundreds of millions of
merchants QR codes active in India, the speed of launching the
scanner, scanning in variable lighting, and entering a PIN are
critical usability metrics. PhonePe's continued market
leadership is heavily attributed to its highly optimised,
lightweight architecture that performs reliably even on entry-
level smartphones with intermittent connectivity, exemplifying
superior usability design.

2.4.2 Blueprint Reliability (BR)

Reliability forms the bedrock of financial service design. In the
context of UPIL, this means optimising the connection with
Payment Service Provider (PSP) banks to minimise timeout
errors, sustaining high system uptime, ensuring transactional
security, providing immediate and accurate confirmations, and
maintaining a responsive dispute-resolution and help-centre
mechanism. Paytm's strategic pivot to a multi-bank PSP model
after regulatory directives is a prime example of redesigning the
backend blueprint to preserve reliability and, with it, market
share.

2.4.3 Lifestyle Functionality (LF)

Lifestyle Functionality reflects the strategic deployment of
rewards, gamification, expense-tracking, and bill-reminder
features that transform a purely transactional tool into an
integrated daily-life utility. Earlier phases of the UPI ecosystem
were defined by aggressive cashback strategies; today, design
has evolved toward reward structures deeply integrated into
daily routines, exemplified by challenger apps that reintroduce
rewards-led payments targeted at specific demographic cohorts,
and by platforms such as CRED that use curated, lifestyle-
oriented rewards to capture high-value transaction share.

2.4.4 User Engagement (UE)

User Engagement, the dependent construct of this study,
captures the extent to which application use has evolved from a
functional necessity into an integrated, habitual, and
psychologically positive daily practice—including interaction
with features beyond basic money transfer, fulfilment of
broader lifestyle needs, and active involvement in reward-
discovery sections.

Collectively, these four constructs constitute a coherent
conceptual architecture. The interaction of Touchpoint
Usability, Blueprint Reliability, and Lifestyle Functionality is
hypothesised to shape the level of User Engagement that a
fintech platform is able to command, elucidating why market
dominance in the contemporary fintech landscape is
increasingly a direct product of superior, design-led, and user-
centric service orchestration.

3. LITERATURE REVIEW

India's digital-payments landscape has changed at a pace that
few other markets in the world have matched. The rise of the
Unified Payments Interface has pushed the country toward a
volume of daily digital transactions that would have seemed
unimaginable a decade ago (Kiran & Sailaja, 2025), reshaping
how ordinary consumers relate to money on a day-to-day basis.
Yet the institutions that legally hold and safeguard this money
are not always the ones consumers actually open when they
want to check a balance, split a bill, or track a monthly expense.
Traditional retail banks remain the custodians of consumer
funds, carrying the regulatory weight and the backend
responsibility for every rupee that moves, while third-party
fintech applications have become some of the most widely used
platforms for day-to-day digital transactions in India (Kiran &
Sailaja, 2025).

3.1 Service Design as a Theoretical Foundation

The conceptual root of treating "service design" as a driver of
customer outcomes traces to Shostack (1982, 1984), who first
argued that services, unlike physical products, need to be
deliberately engineered through "blueprints" that map every
customer-facing interaction against backstage processes.
Shostack's framing established that the quality of designed
touchpoints, not just the core financial function, shapes how a
customer experiences a service. Stickdorn and Schneider (2011)
extended this into a formal methodology, arguing that service
design must be user-centred, co-creative, and evidenced across
sequential steps—a lens directly transferable to how banks and
fintechs architect their application journeys. Bitner's (1992)
servicescape theory further reinforces that the designed physical
and digital environment surrounding a service shape both
cognitive and emotional customer responses, supporting the
treatment of service-design dimensions as antecedents of
engagement.

3.2 Service Design and Customer Satisfaction in Banking
The literature on digital finance broadly positions user
engagement as a function of service quality and usability. In
traditional banking, customer satisfaction is heavily predicated
on perceived service quality, trust, and structural reliability
(Dawar, 2013; Machogu & Okiko, 2015; Singh, 2024;
Zeithaml, Berry, & Parasuraman, 1996), where the gap between
expected and delivered service directly correlates with loyalty
(Chochol'akova, Gabcova, Belas, & Sipko, 2015; Tse & Wilton,
1988). The SERVQUAL framework (Parasuraman, Zeithaml,
& Berry, 1988) remains foundational to this stream,
decomposing service quality into reliability, responsiveness,
assurance, empathy, and tangibles—dimensions that map
closely onto this study's Blueprint Reliability and Touchpoint
Usability constructs.

3.3 Fintech Adoption, Ease of Usage, and Trust

Complementing the banking-services literature, fintech research
highlights "ease of use" as a critical driver of platform adoption
and engagement, a construct deeply embedded in established
theoretical frameworks such as the Technology Acceptance
Model (Davis, 1989) and the Unified Theory of Acceptance and
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Use of Technology (Venkatesh, Morris, Davis, & Davis, 2003;
Venkatesh & Davis, 2000). Studies of fintech payment
platforms specifically identify service quality as a significant
driver of continued usage (Sharma, Jangir, Gupta, & Rupeika-
Apoga, 2024; Sharma, Taneja, Gupta, & Jangir, 2023). Trust
and reliability form a second major antecedent cluster: Kaushik
et al. (2020) and related studies identify perceived security,
privacy assurance, information quality, and organisational
reputation as core antecedents of continuous trust in mobile
banking, with prior usage experience acting as a reinforcing
factor. Interestingly, some evidence complicates a simple
positive relationship between trust and adoption, suggesting that
risk perception operates differently across demographic
segments—a nuance directly relevant to this study's age-range
of 18 to 65 years.

3.4 Fintech Integration into Daily Life ('Super-App"
Lifestyle Functionality)

A newer strand of literature examines how fintech apps embed
themselves into users' daily routines through "super-app"
architecture. Industry analysis shows Indian fintechs have
deliberately expanded from single-purpose UPI tools into
lifestyle platforms bundling travel, bill payments, investments,
and commerce. Cross-industry surveys report that a large
majority of consumers want a single app to manage daily
activities and would increase usage if more lifestyle functions
were integrated. This "daily-life embeddedness" is theorised to
build habitual, high-frequency engagement that traditional
single-purpose bank apps structurally cannot replicate, since
banks remain custodial back-ends rather than daily-use
interfaces. Gamification research similarly demonstrates that
game-design  elements—points, badges, rewards, and
leaderboards—meaningfully increase user motivation and
continued engagement across digital service contexts (Hamari,
Koivisto, & Sarsa, 2014).

3.5 Touchpoint Usability

Touchpoint-level usability is a well-established construct in
service-design  and  human-computer-interaction  (HCI)
literature. A touchpoint is defined as any discrete point of
contact between a customer and an organisation, and research
shows that failure at even a single touchpoint disproportionately
damages overall brand perception. Nielsen's (1994) usability
heuristics—visibility of system status, error prevention, and
minimalist design—remain widely applied in evaluating how
smoothly a user moves across onboarding, transaction, and
support touchpoints. In the Indian fintech context, practitioner
analysis attributes leading platforms' engagement advantage
specifically to interface clarity, fast flows, and intuitive error
handling, versus banks' comparatively friction-heavy, security-
first interfaces.

3.6 Overall Engagement and Customer Advocacy

At the outcome end of the model, engagement is increasingly
measured as a multi-dimensional behavioural construct rather
than a single satisfaction score. Empirical Indian studies find
that customer engagement behaviours, driven by emotions, self-
concept, and perceived benefit, mediate the relationship

between service experience and customer advocacy (Nayak
Kini & Basri, 2022), indicating that engagement is a necessary
intermediate variable between service experience and word-of-
mouth or loyalty outcomes. Industry data corroborates the scale
of this shift, with Indian banking and personal-finance apps
recording sharp rises in daily active users over recent years,
while global benchmarking increasingly shows fintech apps and
banking apps converging on comparable retention metrics—
undercutting the simplistic assumption that fintechs are
unambiguously more engaging than banks in every design
dimension.

3.7 RESEARCH GAP

Across the six streams reviewed above, the literature robustly
validates the individual constructs proposed in this study—ease
of use, trust and reliability, touchpoint usability, and lifestyle
integration—and validates user engagement as a meaningful
outcome construct. However, three specific gaps remain. First,
very few studies decompose "service design" into distinct,
separately measured and separately validated sub-constructs
(usability, reliability, lifestyle functionality) and test their
relative, independent predictive power on engagement within a
single regression framework; most studies treat service design
as a unidimensional variable. Second, existing India-focused
studies largely examine fintech adoption in isolation without
benchmarking demographic-based variation in perception
through robust inferential techniques such as the Chi-square test
across five demographic profiles simultaneously. Third, there is
limited empirical work that combines Exploratory Factor
Analysis with multiple regression to both validate the latent
structure of service-design perceptions and quantify their
differential contribution to engagement, within the same Indian
dual-metro-adjacent (Ahmedabad) sample. This study addresses
these three gaps directly, using a sample of 200 verified fintech
users and a combined EFA-regression—Chi-square analytical
pipeline.

4. RESEARCH METHODOLOGY

This study adopts a systematic empirical framework to examine
user perceptions of digital-finance platforms. The methodology
is structured to ensure statistical rigour and clarity in
interpreting user-experience dimensions and their relationship
with user engagement.

4.1 Research Objectives

e To examine the demographic profile (age, gender,
education, occupation, and annual income) of active
fintech-application users and their patterns of application
usage.

o To assess users' perception of Touchpoint Usability (TU),
Blueprint Reliability (BR), and Lifestyle Functionality
(LF) of their primary fintech application.

e To examine the association between demographic
variables and key usability, reliability, and transaction-
success perceptions using the Chi-square test of
independence.

284 © 2026 Dr. Belur Baxi, Dr. Rikita Thakkar, Dr. Sunny Wadhavaniya. This is an open-access article distributed under the terms of the Creative Commons
Attribution 4.0 International License (CC BY NC ND).https://creativecommons.org/licenses/by/4.0/



https://creativecommons.org/licenses/by/4.0/

Int. Jr. of Contemp. Res. in Multi.

PEER-REVIEWED JOURNAL

Volume 5 Issue 5 [Sep-Oct] Year 2026

e To test the internal-consistency reliability of the TU, BR,
LF, and User Engagement (UE) measurement scales using
Cronbach's alpha.

e To identify the underlying latent dimensions of service-
design perception through Exploratory Factor Analysis
(Principal Component Analysis with Varimax rotation).

e To examine the relationship between TU, BR, and LF and
overall User Engagement through Pearson correlation and
multiple linear regression.

e To provide data-driven suggestions and managerial
implications for fintech firms and banks seeking to close
the service-design engagement gap.

4.2 Research Design

This study employs a Descriptive-cum-Diagnostic Research
Design. The descriptive component was adopted because a
central aim of the research is to accurately portray the current
characteristics of a user population and the nature of their
perceptions regarding digital-finance applications (Cooper &
Schindler, 2014). The diagnostic (analytical) component was
layered on to test the strength and significance of relationships
between the identified constructs, using inferential techniques
such as the Chi-square test, correlation, and multiple regression
(Kerlinger & Lee, 2000; Malhotra, 2019). This hybrid design
allows the study to move beyond a static snapshot and to
statistically evaluate 'what' users experience and 'why' certain
design dimensions matter more than others, without
manipulating any variable under investigation (Creswell &
Creswell, 2018).

4.3 Sampling Plan

4.3.1 Population and Sampling Frame

The target population consists of adults between the ages of 18
and 65 years who are based in and around Ahmedabad, Gujarat,
and who actively use a third-party fintech application (such as
Google Pay, PhonePe, CRED, Paytm, BHIM, or Mobikwik) for
routine financial transactions. This age range was chosen to
capture both younger digital-native wusers and older
professionals who tend to manage more complex financial
portfolios.

4.3.2 Sampling Method

This study utilises Non-Probability Convenience Sampling.
This method was chosen to balance practical accessibility
within the digital-finance user base with the need for a diverse
range of responses within a limited data-collection window
(Malhotra, 2019). By sampling from a convenient, accessible
population of verified fintech users, the study balances
feasibility with a reasonably diverse cross-section of the target
population.

4.3.3 Sample Size

The final, valid sample size for this study is 200 respondents,
with zero missing values after data screening. This sample size
comfortably exceeds the minimum threshold recommended for
Exploratory Factor Analysis: Comrey and Lee (1992) classify a
sample of 200 as "fair" to "good" for factor-analytic work,

while the commonly cited item-to-respondent ratio of at least
5:1 (Hair, Black, Babin, & Anderson, 2018) is satisfied several
times over for the 21-item service-design scale used in this
study (200/21 = 9.5 respondents per item).

4.4 Data Collection Tool and Technique

4.4.1 Data Collection Tool

A Structured Questionnaire was employed, consisting of
closed-ended questions. The instrument was organised into
three sections: (i) demographic information (age, gender,
education, occupation, annual income); (ii) fintech-usage
patterns (primary application used, primary purpose of use,
frequency of use); and (iii) 21 service-design perception items
and 4 user-engagement items, each measured on a five-point
Likert scale. This tool was designed to elicit quantifiable data
on both demographic backgrounds and specific user-experience
metrics.

4.4.2 Data Collection Technique

The Survey technique was used, administered digitally to the
target user base through a secure online questionnaire platform.
This ensured standardisation in how questions were presented
to each respondent, minimised interviewer bias, and facilitated
the efficient collection of a large-volume dataset within the
Ahmedabad region.

4.5 Variables of the Study

Consistent with the conceptual framework in Section 2, the
study operationalises four core latent constructs, together with
five demographic classification variables, as detailed below.

4.5.1 Independent Variables (IVs)

e Touchpoint Usability (TU) — measured through 5 items
(TU1-TUS): interface clarity, transaction-completion ease,
cognitive load, layout efficiency, and information
accessibility.

e Blueprint Reliability (BR) — measured through 7 items
(BR1-BR7): transaction success rate, operational stability,
processing speed, security confidence, confirmation
clarity, system uptime, and dispute-resolution reliability.

e Lifestyle Functionality (LF) — measured through 5 items
(LF1-LFS): expense tracking, automated reminders,
gamification motivation, interactivity, and use as a
lifestyle/discovery tool.

4.5.2 Dependent Variable (DV)

e User Engagement (UE) — measured through 4 items
(UE1-UE4): habituation of use, interaction beyond basic
transfers, fulfilment of broader lifestyle needs, and
involvement in reward/discovery sections.

4.5.3 Demographic / Classificatory Variables
o Age Group, Gender, Education, Occupation, and Annual

Income — used as categorical variables for Chi-square
association testing against key service-design perception
items.
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4.6 Statistical Tools Used

The data analysis employs the following statistical techniques,

all executed on the raw response data using IBM SPSS-format

data:

e Percentage and Frequency Analysis — used to provide a
foundational overview of the demographic distribution,
usage patterns, and item-wise response frequencies.

e Cronbach's Alpha Reliability Analysis (Cronbach, 1951)
— used to assess the internal-consistency reliability of
each multi-item construct, with 0.70 taken as the minimum
acceptable threshold (Nunnally, 1978).

e Chi-Square Test of Independence (Pearson, 1900) —
employed to test the significance of association between
categorical demographic variables and key ordinal user-
experience items, confirming the presence of demographic-
based service-design asymmetry.

e Pearson Product-Moment Correlation — used to examine
the strength and direction of the linear relationship
between the TU, BR, LF, and UE composite constructs
(Cohen, 1988).

e Multiple Linear Regression — used to quantify the
independent, simultaneous predictive contribution of TU,
BR, and LF on User Engagement, and to test the overall
explanatory power of the model (Field, 2013).

e Kaiser-Meyer-Olkin  (KMO) Measure of Sampling
Adequacy and Bartlett's Test of Sphericity (Kaiser, 1974;
Bartlett, 1950) — used to confirm the suitability of the
correlation matrix for factor analysis.

e Exploratory Factor Analysis (Principal Component
Analysis with Varimax Rotation) (Kaiser, 1958) — utilised
as the primary dimension-reduction technique to extract

e latent factors, allowing the grouping of numerous
individual survey items into cohesive conceptual
dimensions.

4.7 Scale of Measurement

This study utilises a 5-Point Likert Scale (ranging from
"Strongly Disagree" = 1 to "Strongly Agree" = 5) for all
perception and engagement items, and nominal/ordinal scales
for demographic classification. The Likert scale was adopted
because it effectively captures the intensity of user sentiment
and the subjective nature of "perceived" wusability and
reliability. According to Allen and Seaman (2007), the use of
Likert scales is standard practice in social-science research
because it allows for the transformation of qualitative
psychological attitudes into quantitative data, which can then be
subjected to robust statistical modelling such as factor analysis,
correlation, and regression, ensuring both reliability and
validity in measuring consumer perception.

5. Data Analysis and Interpretation

This section presents the empirical results in the sequence of the
research objectives: demographic and usage profiling, item-
wise descriptive analysis, reliability testing, Chi-square
association testing, correlation analysis, multiple regression,
and Exploratory Factor Analysis. All statistics were computed
on the full valid sample of N = 200 respondents with no
missing data.

5.1 Demographic Profile of Respondents

Table 5.1: Demographic Profile of Respondents (N = 200)

Demographic Variable Category Frequency (n) Percentage (%)
Age Group 18-25 years 36 18.0
26-35 years 55 27.5
3645 years 49 24.5
46-55 years 44 22.0
56-65 years 16 8.0
Gender Male 149 74.5
Female 51 25.5
Education Undergraduate / Bachelor's Degree 53 26.5
Postgraduate / Master's Degree 85 42.5
M.Phil. / Doctorate (Ph.D.) 50 25.0
Professional Certification (CA, CS, etc.) 12 6.0
Occupation Student 30 15.0
Salaried (Job) 125 62.5
Professional 29 14.5
Business Owner 10 5.0
Retired 6 3.0
Annual Income Below 2 Lakh 14 7.0
%2 — 5 Lakh 28 14.0
%510 Lakh 72 36.0
%10 — 20 Lakh 46 23.0
Above 320 Lakh 40 20.0

The sample is dominated by male respondents (74.5%) and
skews toward the economically active middle-age bracket, with
74% of respondents aged between 26 and 55 years. A large
majority (67.5%) hold a postgraduate degree or higher, and
62.5% are salaried employees, reflecting the urban, digitally

literate profile typical of active fintech users in a metro-adjacent
city such as Ahmedabad. Over one-third of respondents (36%)
report an annual income between I¥5-10 lakh, indicating a
predominantly middle- to upper-middle-income respondent
base.
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5.2 Fintech Application Usage Patterns

Primary Fintech Application Used by Respondents
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Figure 5.1: Primary Fintech Application Used by Respondents

Google Pay commands a clear majority market share of 55.5%
among respondents, establishing itself as the dominant fintech
application in the sample, followed by PhonePe (15.5%),
CRED (12.0%), Paytm (11.0%), BHIM (3.0%), and other
platforms (3.0%). In terms of primary purpose, daily expenses
(45.0%) and UPI peer-to-peer transfers (29.5%) together
account for nearly three-quarters of stated usage, with utility
and credit-card bill payments a distant secondary purpose
(15.5%); wealth management, tax payment, and education-fee
payment collectively account for less than 8% of usage,
highlighting a clear gap in platform adoption for higher-value

financial activities. Usage frequency reveals a profound level of
daily habituation: 60.5% of respondents open their primary
fintech application multiple times a day and a further 15.5% at
least once daily, meaning 76.0% of the sample are daily active
users — a retention profile comparable to leading social and
communication applications.

5.3 Descriptive Analysis of Service-Design and Engagement
Items

5.3.1 Touchpoint Usability (TU)

Table 5.2: Descriptive Statistics — Touchpoint Usability Items

o, + o, M +
Item Statement Mean S.D. % Agr?grssrongly % Dlsagirs?grf:rongly
TU1 The application's interface is visually clear, intuitive, and 4.00 117 76.0% 11.0%
free from unnece...
TU2 I can complete routine transactions seamlessly with 37 126 70.0% 17.0%
minimal steps or taps.
TU3 Navigating through the apphcatlon. requires minimal 3.87 1.10 67.5% 11.5%
mental effort and cognitiv...
TU4 The application'’s layout is highly efficient and reduces the 379 125 73.0% 16.0%
fatigue I experie...
TUS Important ﬁnar_lmal 1nforrpz_1t10n is readily accessible 390 113 76.5% 10.5%
without requiring extens. ..

All five Touchpoint Usability items recorded means above 3.7
on the five-point scale, with "the application interface is
visually clear, intuitive, and free from unnecessary clutter"
(TU1) achieving the highest mean (3.90... see table) and highest
agreement level, and "routine transactions can be completed

seamlessly with minimal steps or taps" (TU2) recording the
highest disagreement (17.0%), attributable to occasional
authentication friction during peak-load transactions.

5.3.2 Blueprint Reliability (BR)

Table 5.3: Descriptive Statistics — Blueprint Reliability Items

o, ° -
Item Statement Mean | S.D. %o Agrz‘;fetm“gly % Dlsall)girse:g-: eSetrongly
BRI Transactions proc_essed through this application are 391 112 11.5% 12.0%
consistently successful an.
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BR2 The apphcathn mal'ntbalns high f)peratlonal stability, 401 1.07 80.5% 11.5%
with minimal freezing or...
BR3 The appllcatloq s transaction-processing speed is 402 1.05 83.0% 8.0%
superior to that of my tradi...
BR4 I fgel conﬁdent that my personal financial 373 0.99 67.0% 6.5%
information and assets are secure ...
BRS The application provides }mmedlate, clear, and 408 1.03 84.5% 8.5%
accurate confirmation after eve...
BR6 The platform pr0v1des hlgh system uptime and is 395 083 81.0% 6.0%
consistently available when I
BR7 The application's dlspute—resoll_ltlon mechanism and 3.88 0.94 76.5% 10.5%
help centre are reliable an

Blueprint Reliability items recorded the highest overall means
among the three service-design dimensions (grand mean =
3.94), with "the application provides immediate, clear, and
accurate confirmation after every transaction" (BR5) rated most
favourably (84.5% agreement) and "the application's dispute-

resolution mechanism and help centre are reliable and efficient"
(BR7) rated comparatively lower, suggesting that back-end
transactional reliability outpaces post-transaction support
infrastructure.

5.3.3 Lifestyle Functionality (LF)

Table 5.4: Descriptive Statistics — Lifestyle Functionality Items

o, o, i
Item Statement Mean S.D. % Agr:eg-:eS:rongly % Dlsz;z)girse;e;esetrongly
LF1 The apphcatlon_proactlvely tracks my expenses and 361 1.02 58.0% 14.0%
provides a useful consolida...
LF2 The application's automated remmdgrs and alerts help 388 1.06 73.5% 959
ensure that I do not mis...
LF3 Gamification features such as coins, rewards, and cashback 343 122 52.0% 25.0%
strongly motivate m...
LF4 The platform transf_orms routine financial tasks into a more 3.70 091 63.5% 9.0%
interactive and po...
LF5 I use the application as a lifestyle tool to discover offers, 315 L12 49.5% 24.5%
rewards, or fina...

Lifestyle Functionality items recorded the lowest overall means
among the three IV dimensions (grand mean = 3.55), with "I
use the application as a lifestyle tool to discover offers, rewards,
or financial products" (LF5) rated lowest (49.5% agreement,
24.5% disagreement) and "the application's automated
reminders and alerts help ensure that I do not miss important

bill payments" (LF2) rated most favourably (73.5% agreement).
This indicates that functional lifestyle features (reminders,
tracking) are better received than purely promotional/discovery-
oriented lifestyle features.

5.3.4 User Engagement (UE)

Table 5.5: Descriptive Statistics — User Engagement Items

o, o, 1
Item Statement Mean S.D. % Agree+ Strongly %o Dlsag}‘ee+ Strongly
Agree Disagree
UE1 Using this apphcatlvon has evolved from a necessity into an 373 095 72.5% 10.5%
integrated and pos...
UE2 I frequently interact with the application's features and 344 1.05 51.0% 17.5%
content beyond the b...
UE3 The application con51st§ntly fulﬁ_ls my broader lifestyle 362 1.00 57.0% 15.0%
and daily financial-...
UE4 I experience a high levelh of ¥nvvolvement when exploring 343 116 50.0% 23.5%
the application's rewa...

© 2026 Dr. Belur Baxi, Dr. Rikita Thakkar, Dr. Sunny Wadhavaniya. This is an open-access article distributed under the terms of the Creative Commons

288 Attribution 4.0 International License (CC BY NC ND).https://creativecommons.org/licenses/by/4.0/



https://creativecommons.org/licenses/by/4.0/

Int. Jr. of Contemp. Res. in Mullti.

PEER-REVIEWED JOURNAL

Volume 5 Issue 5 [Sep-Oct] Year 2026

Mean Composite Scores by Construct

5
e 3.85 3.94
T 3.56
b
€
6 3 -
&
v
g
S 21
w
C
[0
@
= 1A

0 - T

Touchpoint Blueprint Lifestyle User
Usability (TU) Reliability (BR) Functionality (LF) Engagement (UE)

Figure 5.2: Mean Composite Scores by Construct (5-point scale)

Across the four constructs, Blueprint Reliability (M = 3.94) and
Touchpoint Usability (M = 3.85) received the most favourable
ratings, while Lifestyle Functionality (M = 3.56) and User
Engagement (M = 3.55) were rated comparatively lower. This
pattern suggests that Indian fintech applications have matured

considerably in core transactional usability and reliability, but
have comparatively greater headroom to grow in lifestyle-
integration and habitual engagement.

5.4 Reliability Analysis (Cronbach's Alpha)

Table 5.6: Reliability Statistics for Study Constructs

Construct No. of Items Cronbach's Alpha (a) Reliability Level
TU (Touchpoint Usability) 5 0.934 Excellent
BR (Blueprint Reliability) 7 0.912 Excellent
LF (Lifestyle Functionality) 5 0.804 Good
UE (User Engagement) 4 0.768 Acceptable

All four constructs exceed the minimum acceptable threshold of
0.70 recommended by Nunnally (1978), with Touchpoint
Usability (o = 0.934) and Blueprint Reliability (o = 0.912)
demonstrating excellent internal consistency, Lifestyle
Functionality (o = 0.804) demonstrating good internal
consistency, and User Engagement (o = 0.768) demonstrating
acceptable internal consistency. These results confirm that the
measurement scales used in this study are statistically reliable
and suitable for further inferential analysis.

5.5 Chi-Square Test of Association
To examine whether perceptions of core usability and reliability
items vary systematically across demographic groups, five key

items were cross-tabulated against five demographic variables
(Age Group, Gender, Education, Occupation, and Annual
Income), yielding 25 independent Chi-square tests of
association.

Hypotheses (for each cross-tabulation):

e HO: There is no significant association between the
demographic variable and the service-design perception
item.

e HIl: There is a significant association between the
demographic variable and the service-design perception
item.

Table 5.7: Summary of Chi-Square Test Results (25 Cross-Tabulations)

Item Demographic v df | p-value Decision
TU2 — Complete routine transactions seamlessly with minimal AGE 3422 16 < 001 Reject Null Hypothesis
steps/taps
TU2 — Complete routine tg?;lssa/ci;iggs seamlessly with minimal GENDER 12.10 4 0017 Reject Null Hypothesis
TU2 — Complete routine tgeti;ls:/ci;i;;ls seamlessly with minimal EDUCATION 5912 12 < 001 Reject Null Hypothesis
TU2 — Complete routine transactions seamlessly with minimal OCCUPATION 69.03 16 <.001 Reject Null Hypothesis
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steps/taps
TU2 — Complete routine tg?:;:/igs;ls seamlessly with minimal ANNUALIN 63.59 16 < 001 Reject Null Hypothesis
TU3 — Navigating requires mll(r)l;(‘inal mental effort and cognitive AGE 5555 16 < 001 Reject Null Hypothesis
TU3 — Navigating requires mll;l;g)al mental effort and cognitive GENDER 3951 4 <001 Reject Null Hypothesis
TU3 — Navigating requires mll(r:;glal mental effort and cognitive EDUCATION 7132 12 < 001 Reject Null Hypothesis
TU3 — Navigating requires nlll(?;glal mental effort and cognitive OCCUPATION 56.64 16 < 001 Reject Null Hypothesis
TU3 — Navigating requires mll(r)l;(‘inal mental effort and cognitive ANNUALIN 9272 16 < 001 Reject Null Hypothesis
TU4 — Application layOL;; t1isgl$eghly efficient and reduces AGE 60.91 16 < 001 Reject Null Hypothesis
TU4 — Application layOL;ta t1isgl$eghly efficient and reduces GENDER 24.15 4 < 001 Reject Null Hypothesis
TU4 — Application laymg1 tlisgﬁi:ghly efficient and reduces EDUCATION 66.65 12 < 001 Reject Null Hypothesis
TU4 — Application layOLtl; t1isgllileghly efficient and reduces OCCUPATION 7271 16 < 001 Reject Null Hypothesis
TU4 — Application layo‘;;t‘isgll’l‘eghly efficient and reduces ANNUALIN 6451 | 16 | <.001 | Reject Null Hypothesis
TUS5 — Important financial information is readily accessible AGE 62.80 16 <.001 Reject Null Hypothesis
TUS5 — Important financial information is readily accessible GENDER 34.69 4 <.001 Reject Null Hypothesis
TUS5 — Important financial information is readily accessible EDUCATION 59.46 12 <.001 Reject Null Hypothesis
TUS5 — Important financial information is readily accessible OCCUPATION 30.11 16 0.017 Reject Null Hypothesis
TUS5 — Important financial information is readily accessible ANNUALIN 59.90 16 <.001 Reject Null Hypothesis
BR1 — Transactions are consistently successful and rarely fail AGE 100.17 16 <.001 Reject Null Hypothesis
BR1 — Transactions are consistently successful and rarely fail GENDER 24.98 4 <.001 Reject Null Hypothesis
BR1 — Transactions are consistently successful and rarely fail EDUCATION 50.70 12 <.001 Reject Null Hypothesis
BR1 — Transactions are consistently successful and rarely fail OCCUPATION 117.20 16 <.001 Reject Null Hypothesis
BR1 — Transactions are consistently successful and rarely fail ANNUALIN 66.19 16 <.001 Reject Null Hypothesis

The exhaustive Chi-square analysis unequivocally demonstrates
that demographic variables are fundamental determinants of
how users experience digital-finance applications. Across all
twenty-five  cross-tabulations—spanning  age,  gender,
education, occupation, and income—the null hypothesis was
rejected at p < .05 in every instance, with most associations
significant at p < .001. This pervasive statistical significance
indicates a profound demographic-based 'service design

asymmetry": what a high-income young professional perceives
as an intuitive and efficient interface may simultaneously be
experienced as overwhelming or complex by an older user or a
respondent with a different educational background. The data
empirically dismantles the assumption that a standardised user
interface can deliver a universally positive experience across all
demographic segments, reinforcing the case for adaptive,
persona-based UI/UX design.

5.6 Correlation Analysis

Table 5.8: Pearson Correlation Matrix Among Study Constructs (N = 200)

Construct TU BR LF UE
TU 1.000 0.749 0.276 0.287
BR 0.749 1.000 0.550 0475
LF 0.276 0.550 1.000 0.787
UE 0.287 0.475 0.787 1.000

All inter-construct correlations are positive and significant.
Touchpoint Usability and Blueprint Reliability are very

strongly correlated (r = 0.749), indicating that respondents who
perceive the application as usable also tend to perceive it as
reliable — consistent with these two constructs sharing a
common 'core functional quality' dimension in the interface.
Lifestyle Functionality shows a very strong correlation with
User Engagement (r = 0.787), the strongest relationship in the
matrix, whereas Touchpoint Usability shows only a weak
correlation with both Lifestyle Functionality (r = 0.276) and
User Engagement (r = 0.287). Applying Cohen's (1988)
conventional benchmarks (r = .10 small, .30 medium, .50

large), this pattern suggests that usability and reliability form
one empirical cluster while lifestyle functionality and
engagement form a second, largely distinct cluster —
foreshadowing the regression results in Section 5.7.

5.7 Multiple Regression Analysis

A multiple linear regression was conducted to examine the
combined and independent predictive power of Touchpoint
Usability, Blueprint Reliability, and Lifestyle Functionality on
User Engagement.

Regression equation: UE = 0 + p1(TU) + p2(BR) + B3(LF) +

&
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5.7.1 Model Summary

Table 5.9: Regression Model Summary

R R? Adjusted R? F df1l df2 Sig.
0.790 0.624 0.619 108.56 3 196 <.001
5.7.2 Regression Coefficients
Table 5.10: Regression Coefficients — Dependent Variable: User Engagement
Predictor B S.E. t Sig. Result

(Constant) 0.616 0.190 3.251 0.001 Significant
Touchpoint Usability (TU) 0.063 0.052 1.222 0.223 Not Significant
Blueprint Reliability (BR) -0.011 0.077 -0.147 0.884 Not Significant

Lifestyle Functionality (LF) 0.770 0.054 14.234 <.001 Significant

The overall regression model is highly significant, F (3, 196) =
108.56, p < .001, and explains 62.4% of the variance in User
Engagement (R? = 0.624; Adjusted R? =0.619) — a large effect
size by conventional standards (Cohen, 1988). However,
examination of the individual coefficients reveals that Lifestyle
Functionality is the only statistically significant predictor of
User Engagement (B = 0.770, t = 14.23, p < .001), while
Touchpoint Usability (B = 0.063, p = .223) and Blueprint
Reliability (B = -0.011, p = .884) are not significant
independent predictors once Lifestyle Functionality is included
in the model. This is a theoretically important finding: it
suggests that usability and reliability, despite being rated highly
by respondents (Section 5.3), function more as 'hygiene factors'
or necessary preconditions for platform use, whereas Lifestyle

Functionality — gamification, rewards, reminders, and daily-
life integration — is the true behavioural driver that converts
routine transactional use into sustained engagement.

5.8 Exploratory Factor Analysis

5.8.1 KMO and Bartlett's Test of Sphericity

Null Hypothesis (HO): The correlation matrix is an identity
matrix, i.e., the variables are uncorrelated and factor analysis is
inappropriate.

Alternative Hypothesis (H1): The correlation matrix is not an
identity matrix, i.e., the variables are sufficiently correlated to
justify factor analysis.

Table 5.11: KMO and Bartlett's Test

Statistic Value
Kaiser-Meyer-Olkin (KMO) Measure of Sampling Adequacy 0.837
Bartlett's Test of Sphericity — Approx. Chi-Square 3729.92
df 210
Sig. <.001

The KMO measure of sampling adequacy is 0.837, comfortably
exceeding the acceptable threshold of 0.60 and falling in the
"meritorious" range per Kaiser's (1974) classification. Bartlett's
test of sphericity is highly significant (}*(210) = 3729.92, p <
.001). The null hypothesis is therefore rejected, confirming that

the correlation matrix is not an identity matrix and that the 21-
item service-design and engagement scale is well suited to
Exploratory Factor Analysis.

5.8.2 Total Variance Explained

Table 5.12: Total Variance Explained (Components with Eigenvalue > 1)

Component Initial Eigenvalue % of Variance Cumulative %
1 9.479 45.14% 45.14%
2 3.511 16.72% 61.86%
3 1.234 5.88% 67.74%
4 1.069 5.09% 72.83%

Using Principal Component Analysis with the Kaiser criterion
(eigenvalues greater than 1), four distinct components were
extracted from the 21 service-design and engagement items.
The first component alone explains 45.14% of total variance,
and the four-component solution cumulatively explains 72.83%
of total variance — comfortably exceeding the conventional

60% benchmark for social-science factor-analytic research
(Hair et al., 2018). This confirms that a compact, four-factor
latent  structure effectively captures the underlying
dimensionality of service-design perception among fintech
users in this sample.
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5.8.3 Rotated Component Matrix

Table 5.13: Rotated Component Matrix (Varimax with Kaiser Normalisation)

Item Comp.1 Comp.2 Comp.3 Comp.4 Primary Component
TU1 0.727 0.035 -0.064 0.477 1
TU2 0.834 0.101 0.177 0.321 1
TU3 0.907 -0.041 0.101 -0.082 1
TU4 0.884 -0.014 0.208 0.257 1
TUS 0.889 0.101 0.146 0.020 1
BR1 0.696 -0.072 0.353 0.259 1
BR2 0.490 0.078 0.468 0.512 4
BR3 0.632 0.214 0.586 -0.057 1
BR4 0.461 0.051 0.401 0.513 4
BRS 0.445 0.114 0.653 0.341 3
BR6 0.573 0.025 0.664 0.067 3
BR7 0.253 0.148 0.606 0.462 3
LF1 -0.046 0.436 0.641 0.055 3
LF2 0.220 0.292 0.566 0.403 3
LF3 0.041 0.814 0.157 -0.078 2
LF4 0.187 0.475 0.553 0.298 3
LF5 -0.035 0.715 0.126 0479 2
UEI 0.337 0.266 0.326 0.687 4
UE2 0.125 0.627 0.109 0.530 2
UE3 0.074 0.798 0.081 -0.054 2
UE4 -0.032 0.772 0.118 0.214 2

Extraction Method: Principal Component Analysis. Rotation
Method: Varimax with Kaiser Normalisation.

The rotated component matrix clarifies the conceptual grouping
of the 21 items into four interpretable components. Component
1 ("Core Usability & Transaction Reliability", eigenvalue =
9.48, 45.14% variance) is dominated by the Touchpoint
Usability items (TU1-TUS) together with two core
transactional-reliability items (BR1, BR3), confirming that
front-end navigability and the most basic 'does the transaction
go through' reliability are perceived by users as a single, tightly
bound experience. Component 2 ("Lifestyle Engagement &
Habitual Use", eigenvalue = 3.51, 16.72% variance) loads
gamification (LF3), lifestyle discovery (LF5), and three of the
four User Engagement items (UE2, UE3, UE4), empirically
validating the strong LF-UE relationship already observed in
the correlation and regression analyses. Component 3
("Operational Support & Functional Reliability", eigenvalue =
1.23) groups the remaining reliability items relating to
confirmation, uptime, and dispute resolution (BR5, BR6, BR7)
together with functional lifestyle items such as expense tracking
and reminders (LF1, LF2, LF4), suggesting these represent a
distinct 'behind-the-scenes support' dimension. Component 4
("Security Trust & Behavioural Involvement", eigenvalue =
1.07) is anchored by perceived security of personal financial
information (BR4) and system stability (BR2), together with the
habituation item (UEI1), indicating that a sense of security is
closely tied to the transition from occasional to habitual use.
We therefore reject the null hypothesis of the Rotated
Component Matrix test (that items would not load meaningfully
on distinct factors) and conclude that a robust, four-dimensional
latent structure underlies user perceptions of fintech service
design in this sample.

6. Key Findings

The sample is predominantly male (74.5%), highly
educated (67.5% postgraduate or higher), and salaried
(62.5%), with the largest income band being I5-10 lakh
per annum (36.0%).

Google Pay is the dominant fintech application among
respondents (55.5% market share), and 76.0% of
respondents are daily active users of their primary fintech
application, with 60.5% opening it multiple times a day.
Daily expenses (45.0%) and peer-to-peer UPI transfers
(29.5%) are the two dominant use-cases, together
accounting for nearly three-quarters of stated usage;
higher-value activities such as wealth management and tax
payment remain minimally adopted (under 8% combined).
Blueprint Reliability (M = 3.94) and Touchpoint Usability
(M = 3.85) are rated more favourably than Lifestyle
Functionality (M = 3.56) and User Engagement (M =
3.55), indicating that Indian fintech applications have
matured in core transactional performance but have more
room to grow in lifestyle integration and habitual
engagement.

All four measurement constructs demonstrate strong
internal-consistency reliability (Cronbach's a ranging from
0.768 to 0.934), confirming the psychometric soundness of
the survey instrument.

All 25 Chi-square cross-tabulations between core
usability/reliability items and the five demographic
variables (age, gender, education, occupation, income)
were statistically significant (p < .05), providing strong
evidence of demographic-based 'service design asymmetry’'
in how users perceive the same application.

Touchpoint Usability and Blueprint Reliability are very
strongly inter-correlated (r = 0.749), while Lifestyle
Functionality is very strongly correlated with User
Engagement (r = 0.787), suggesting two distinct empirical
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clusters: a 'functional-quality' cluster (TU-BR) and an
'engagement' cluster (LF—UE).

Multiple regression confirms that Lifestyle Functionality is
the sole statistically significant predictor of User
Engagement (B = 0.770, p < .001), while Touchpoint
Usability and Blueprint Reliability are not significant
independent predictors once Lifestyle Functionality is
controlled for. The overall model explains 62.4% of the
variance in engagement (R? = 0.624, F(3,196) = 108.56, p
<.001).

Exploratory Factor Analysis (KMO = 0.837; Bartlett's
¥3(210) = 3729.92, p < .001) extracted four interpretable
latent components explaining 72.83% of total variance: (1)
Core Usability & Transaction Reliability, (2) Lifestyle
Engagement & Habitual Use, (3) Operational Support &
Functional Reliability, and (4) Security Trust &
Behavioural Involvement.

. Suggestions

e Platforms should periodically re-administer this validated
four-factor, 21-item instrument (o > 0.75 for all constructs)
as a lightweight, low-cost internal service-design health-
check tool, tracking construct-level scores over time as
leading indicators of engagement risk.

8. Managerial Implications

The empirical evidence and the conceptual framework jointly
indicate that Service Design Asymmetry is a primary driver of
market stratification in the Indian digital-payments sector. As
the ecosystem approaches saturation in terms of pure
infrastructural growth, the marginal utility of a platform will be
defined increasingly by its design, user experience, and ability
to seamlessly integrate cross-selling opportunities (credit,
insurance, wealth management) — an implication directly
supported by the finding that Lifestyle Functionality, not raw
usability or reliability, drives engagement.

For product managers, the clear implication is that engagement
roadmaps should be re-weighted away from marginal usability

e Fintech platforms should treat Touchpoint Usability and polish and toward lifestyle-integration features, without
Blueprint  Reliability as non-negotiable 'hygiene' abandoning the reliability baseline that users take for granted
investments — necessary to retain users — but should not but would punish severely if it degraded. For senior
expect further incremental gains in these dimensions alone management and platform strategists, the enforcement of
to move the needle on engagement, since the regression market-concentration norms by regulators such as the NPCI
results show their independent effect on engagement is will likely force dominant players to pivot their service-design
statistically negligible once lifestyle functionality is strategies from aggressive acquisition toward value-driven
present. retention and profitability — precisely the terrain on which

e Given that Lifestyle Functionality is the single strongest Lifestyle Functionality operates. Simultaneously, challenger
and only significant driver of User Engagement, platforms applications can use highly targeted, demographic-specific
should prioritise investment in gamification (coins, streaks, service designs — leveraging the demographic asymmetry
milestone rewards), personalised offer-discovery sections, confirmed in Section 5.5 — to carve out profitable niches
automated expense-tracking dashboards, and proactive within the remaining market volume.
bill-reminder systems. For traditional bank management, the findings imply that

e Because LF5 (‘'use as a lifestyle tool to discover continuing to treat proprietary banking applications purely as
offers/rewards/financial products') recorded the lowest compliance and account-servicing tools, rather than as genuine
agreement level (49.5%) among all 21 items, platforms lifestyle-integrated service experiences, risks making the bank's
should redesign discovery and rewards sections to be more own application increasingly invisible in the daily financial
contextually relevant and less generic, potentially through lives of the very customers whose money it holds. Investment
Al-driven personalisation based on transaction history. in the 'Operational Support & Functional Reliability' and

e Given the statistically significant demographic asymmetry 'Security Trust' factors identified in this study offers banks a
confirmed via the Chi-square analysis, platforms should defensible, differentiated entry point, since these dimensions do
move away from a one-size-fits-all interface toward not require banks to compete head-on with fintech gamification
adaptive, persona-based UI/UX — for example, simplified, but instead leverage banks' inherent institutional-trust
larger-touch-target layouts for the 46—65 age cohort, and advantage.
gamification-forward layouts for the 18—-35 cohort. For policy makers and regulators, the consistent and pervasive

e Traditional banks seeking to compete with fintech front- demographic asymmetry documented in this study (Section 5.5)
ends should specifically invest in the 'Operational Support suggests  that financial-inclusion and  digital-literacy
& Functional Reliability' dimension identified in the factor interventions should be tailored by age, education, and
analysis (confirmation clarity, uptime, dispute resolution) occupation segment rather than delivered as a uniform national
as a comparatively low-cost, high-trust differentiator, since programme, since the same interface is experienced very
this dimension is distinct from raw transactional reliability differently across these groups.
and is currently a differentiator for leading fintech players.

e Given that dispute-resolution and help-centre reliability 9. Limitations and Scope for Future Research
(BR7) scored lower than core transactional reliability o The study employs non-probability convenience sampling
items, platforms should invest in Al-driven, real-time restricted to Ahmedabad, Gujarat; findings may not
chatbot support capable of instantly explaining or resolving generalise to rural populations or to other Indian states
pending-transaction states, directly reducing user anxiety with different digital-literacy and infrastructure profiles.
during failure states.
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e The cross-sectional survey design captures perceptions at a
single point in time and cannot establish causal,
longitudinal ~ relationships  between  service-design
investment and engagement growth.

e All constructs are measured through self-reported
perceptual items rather than objective behavioural or
transaction-log data (e.g., actual app-open frequency,
transaction-failure logs), which may be subject to
common-method bias.

e The regression model, while explaining a large share of
variance (R? = 0.624), does not include potentially relevant
moderating variables such as brand trust, switching costs,
or network effects (e.g., peer usage), which future research
could incorporate.

e Future research could extend this validated four-factor
instrument to a multi-city, stratified-random sample, and
could apply structural equation modelling (SEM) to
formally test the mediating role of Lifestyle Functionality
between Touchpoint Usability/Blueprint Reliability and
User Engagement, rather than relying solely on multiple
regression.

e A direct within-subject comparison of the same
respondents' perceptions of their primary bank's own
mobile application versus their third-party fintech
application, using this same validated instrument, would
extend this study's single-platform design into a full
interface-migration model.

10. CONCLUSION

This study set out to decompose the broad construct of 'service
design' in digital finance into three theoretically distinct and
empirically separable dimensions — Touchpoint Usability,
Blueprint Reliability, and Lifestyle Functionality — and to test
their relative contribution to User Engagement among 200
active fintech users in Ahmedabad, India. The results validate
all four measurement scales as statistically reliable (Cronbach's
a between 0.77 and 0.93) and confirm, through Exploratory
Factor Analysis (KMO = 0.837; four factors explaining 72.83%
of variance), that these dimensions represent genuinely distinct
underlying constructs in users' minds, closely mirroring the a
priori conceptual framework.

The central empirical contribution of this study is the
demonstration, through multiple regression, that Lifestyle
Functionality — not Touchpoint Usability or Blueprint
Reliability — is the sole significant driver of User Engagement
(R?=0.624, p < .001), even though usability and reliability are
rated more highly in absolute terms. This positions usability and
reliability as necessary ‘'hygiene factors' and lifestyle
functionality as the true 'motivator,’ echoing the -classic
hygiene—motivator distinction from organisational behaviour
theory but applied here, for the first time in this combination, to
Indian fintech service design. Additionally, the pervasive and
statistically significant demographic asymmetry documented
across 25 Chi-square tests (age, gender, education, occupation,
and income) empirically dismantles the assumption that a
single, standardised interface can deliver a universally positive
experience.

Service design in payment applications is therefore not merely
an aesthetic overlay but a complex, multidimensional
architecture encompassing usability, reliability, and lifestyle-
engagement loops — each contributing differently to the
ultimate outcome that matters commercially: sustained user
engagement. FinTech applications that master this asymmetry
— specifically by treating reliability as table stakes and by
aggressively investing in demographically tailored, gamified,
lifestyle-integrated features — will secure durable engagement
advantages in the world's most dynamic digital-finance
ecosystem. The shift, in short, is from infrastructure and
interface polish toward embedded, personalised, lifestyle-
oriented experience design.
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