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Abstract Manuscript Information 
 

As the e-commerce industry continues to evolve, artificial intelligence (AI) has emerged as 

a powerful tool for understanding and influencing consumer behavior. This review explores 

the convergence of e-commerce and consumer behavior, emphasizing the significant 

influence of AI-driven personalization on market trends. AI-powered technologies have the 

ability to analyze vast amounts of data in real-time, providing valuable insights into 

consumer preferences, shopping patterns, and decision-making processes. By leveraging AI 

algorithms, e-commerce retailers can personalize the shopping experience, recommend 

products, and optimize pricing strategies to maximize sales and customer satisfaction. 

Additionally, AI can streamline the purchasing process by offering chatbots for customer 

support, virtual assistants for product recommendations, and predictive analytics for 

inventory management. The investigation explores how machine learning algorithms can 

be used to forecast customer preferences, expedite the purchase process, and create a more 

customized shopping experience. The review also examines the difficulties and moral 

dilemmas posed by AI-powered personalization as e-commerce develops. To give a 

thorough grasp of the wider ramifications of AI in influencing consumer behavior, issues 

like algorithmic bias, data privacy, and the careful balancing act between personalization 

and intrusiveness are studied. This analysis provides insightful information about the 

mutually beneficial interaction between e-commerce and consumer behavior, highlighting 

the revolutionary potential of AI-powered personalization and its impact on developing 

market trends. Businesses must comprehend and take advantage of AI-driven tactics in 

order to remain competitive as they navigate the digital landscape. This combination of 

data-driven insights and automated decision-making has the potential to revolutionize the 

way consumers interact with online retailers, ultimately shaping the future of e-commerce. 
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1. INTRODUCTION 

The background of AI in e-commerce can be traced back to the 

early 2000s when online shopping started gaining traction. As 

consumer behavior shifted towards digital platforms, businesses 

sought innovative ways to enhance user experience and drive 

sales. Artificial Intelligence (AI) quickly emerged as a powerful 

tool to analyze data, predict trends and personalize 

recommendations. Companies like Amazon and Alibaba paved 

the way by leveraging AI algorithms to offer personalized 

product recommendations based on user behavior and 

preferences. This led to a significant increase in conversion rates 
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and customer satisfaction. With the rapid advancements in AI 

technologies, e-commerce platforms are now employing 

chatbots for customer service, virtual shopping assistants for 

personalized suggestions, and predictive analytics to forecast 

future trends. The integration of AI in e-commerce has 

revolutionized the way businesses interact with customers and 

has become indispensable in shaping consumer behavior and 

driving sales. (Musiolik et al.,2024-03-04). 

Customers are looking for experiences that are personalized and 

enriching in addition to transactions that are easy and efficient, 

as e-commerce platforms become more and more ingrained in 

daily life. In order to match these changing expectations, AI 

emerges as a game-changer due to its ability to evaluate large 

datasets and identify complex patterns (He and Liu, 2024). The 

main focus of this analysis is on the various ways that AI-

powered personalization affects customer interactions, 

purchases, and the sense of community that exists between users 

and online platforms. The assessment also explores the ever-

changing market trends that AI is helping to shape in the e-

commerce industry. A new era of innovation is underway, 

ranging from the incorporation of machine learning algorithms 

to predict consumer preferences, to predictive analytics 

enhancing inventory management. 

 

1. Impact of AI on Consumer Behavior 

The transformative impact of Artificial Intelligence (AI) on 

consumer behavior within the e-commerce landscape is 

undeniable, as evidenced by recent studies examining AI 

Chatbots' prevalence and effectiveness among Nigerian youth 

consumers (Oke Tolulope Timothy et al.,2024). These findings 

underscore the crucial role of AI technologies in shaping 

purchasing decisions and overall consumer behavior, 

particularly in driving adoption rates and enhancing shopping 

experiences. Furthermore, the intersection of e-commerce and 

consumer behavior illuminated in a comprehensive review 

emphasizes how AI-powered personalization revolutionizes 

market trends, highlighting the pivotal role of advanced 

algorithms in delivering tailored content and optimizing user 

experiences (Mustafa Ayobami Raji et al.,2024). As businesses 

strive to meet the evolving expectations of tech-savvy 

consumers, understanding and leveraging the potential of AI-

driven strategies become imperative for staying competitive and 

fostering long-term customer engagement and loyalty. 

The dynamic landscape of e-commerce necessitates a deep 

understanding of evolving consumer behavior, particularly in the 

realm of personalized recommendations powered by Artificial 

Intelligence (AI). AI-driven personalization techniques, as 

highlighted in (Mustafa Ayobami Raji et al.,2024), play a 

transformative role in enhancing customer engagement and 

satisfaction by tailoring content and product suggestions to 

individual preferences. This level of customization not only 

fosters customer loyalty but also shapes emerging market trends 

within e-commerce. Moreover, as elucidated in (Yikang Yan, 

2024), the impact of personalized recommendations extends to 

influencing consumer psychology and behavior in the digital 

age. Behavioral economics offers a lens through which to 

analyze how e-commerce platforms and social media shape 

consumer preferences, emphasizing the importance of trust, 

privacy protection, and alignment with psychological 

expectations. By delving into the intricacies of personalized 

recommendations, e-commerce businesses can optimize their 

strategies to meet the evolving expectations of tech-savvy 

consumers and drive revenue growth.  

 

2. Influence of AI on purchase decisions 

E-commerce platforms are increasingly turning to artificial 

intelligence (AI) to revolutionize online shopping experiences, 

prompting crucial discussions on its impact on consumer 

behavior. Research grounded in the Technology Acceptance 

Model (TAM) has shed light on the intricate relationship 

between AI-powered features, consumer perceptions, and 

purchasing decisions. The findings underscore the significance 

of perceived ease of use in bolstering the perceived usefulness of 

AI, consequently driving intentions to use AI technology. 

Integrating AI features that streamline the online shopping 

process not only enhance utility but also evoke positive 

emotions, ultimately amplifying purchase behavior and 

consumer happiness. This highlights the potential for AI to 

create more convenient, enjoyable, and profitable shopping 

experiences, offering valuable insights for e-commerce 

platforms navigating the evolving landscape of consumer 

preferences and technological advancements (Niwet Thamma et 

al.,2024). The rapid evolution of technology in the ecommerce 

sector has led to the widespread adoption of AI by businesses 

seeking to stay competitive and enhance customer engagement. 

AI's ability to convert interest into purchase intentions, interact 

with and retarget customers effectively, and enhance consumer 

satisfaction underscores its pivotal role in shaping online 

purchase plans. Understanding the factors that influence the 

practical implementation of AI in e-retailing is crucial for 

organizations looking to align with consumer requirements and 

foster technology adoption. Consciousness, subjective norms, 

and trust emerge as key constructs amplifying the relevance and 

efficacy of AI in shaping consumer behavior and purchase 

decisions, emphasizing the dynamic interplay between evolving 

technologies and consumer preferences in the e-commerce 

landscape (Dr. G Manikandan et al.,2024). 

 

3. Dynamic Pricing Strategies  

The evolving landscape of e-commerce, influenced by AI-

powered personalization and advanced analytics, has 

significantly impacted dynamic pricing strategies in online retail. 

Leveraging vast datasets and predictive modeling systems, 

businesses now employ sophisticated algorithms to tailor pricing 

dynamically based on individual consumer behavior and 

preferences (Mustafa Ayobami Raji et al.,2024). This shift 

towards personalized pricing strategies is further augmented by 

the integration of wireless sensor networks (WSN) for real-time 

data collection and consumer power prediction, enhancing the 

effectiveness of interest-based e-commerce platforms. The CP3-

BSOADL technique, utilizing Barracuda Swarm Optimization 

Algorithm Driven Deep Learning, enables precise forecasting of 
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purchasing power levels aligned with customer content 

preferences, thus offering new insights for interest e-commerce 

systems (Latifah Almuqren et al.,2024). This integration of AI-

driven predictive capabilities and dynamic pricing mechanisms 

underscores the profound impact of technology on reshaping 

consumer behavior and market trends within the e-commerce 

domain.  

 

4. Predictive analytics by AI on Consumer Behavior 

AI-powered predictive marketing is revolutionizing the 

commercial landscape by giving companies deep insights into 

customer behavior (Wu and Monfort, 2023). This change in 

technology has the ability to improve marketing tactics and 

provide clients with extremely customized experiences. But as 

AI continues to change marketing strategies, there's a growing 

need to investigate and deal with the ethical issues it raises 

(Davenport et al.,2020). In order to contribute to a more 

sophisticated understanding of these issues within Ashok's 

model of the ontological framework's digital ethics, this research 

attempts to thoroughly investigate the ethical implications of 

employing AI in predictive marketing.  

Today, predictive marketing is a crucial part of any modern 

business strategy since it helps companies understand the 

behavior and preferences of their customers and forecast the 

trends and demands of the future (Rathore, 2023). Furthermore, 

the emergence of digital technology and big data analytics has 

revolutionized the predictive marketing space by enabling real-

time actionable insights to be generated and massive volumes of 

data to be analyzed (Wedel and Kannan, 2016). Traditional 

predictive marketing approaches face substantial hurdles from 

the complexity of modern customer behavior, the multiplicity of 

channels and touchpoints, and the demand for individualized 

experiences (Frizzo-Barker et al.,2016). Predictive marketing 

requires careful consideration of AI's ethical implications, thus 

it's critical to make sure these systems are created ethically. 

Numerous of these problems have been addressed by new 

methods for predictive marketing that have been developed in 

response to recent developments in AI and ML. AI-powered 

predictive marketing analyzes consumer data sets and finds 

patterns and trends that may be difficult or impossible to find 

with conventional methods (Duan et al.,2019). It does this by 

employing sophisticated algorithms and models. AI-powered 

predictive marketing can produce more precise and tailored 

insights into consumer behavior by utilizing cutting-edge 

techniques like deep learning, neural networks, and natural 

language processing (NLP). This allows businesses to maximize 

their marketing budgets and provide customers with more 

relevant and engaging experiences (Kim and Briley, 2020).  

Furthermore, there are worries regarding consumer behavior 

manipulation when AI is used in marketing. Predictive 

marketing algorithms have the ability to sway consumer 

decisions using sophisticated approaches, which raises ethical 

concerns around manipulation and persuasion (Shikha Verma, 

2019). The underappreciated aspects of customer prioritizing, 

market share concentration, and consumer behavior 

manipulation are the subject of this research, which presents a 

fresh viewpoint on the ethical implications of AI in predictive 

marketing.  

 

Our study clarifies these less-discussed ethical issues, because 

previous research has mostly concentrated on the possible 

advantages of AI-powered predictive marketing, such as 

enhanced efficiency, accuracy, and personalization (Rosario, 

2021). However, our knowledge of further potential ethical 

issues is limited. Considering these research gaps and 

contributions, this study aims to address the following research 

questions: 

 

RQ1: What are the best ways to prioritize customers using AI-

enabled solutions responsibly?  

 

RQ2: What strategies do e-commerce businesses employ to 

collect and utilize psychological profiling and personal data to 

subtly influence customer behavior? 

 

2. LITERATURE REVIEW  

The rise of e-commerce has fundamentally transformed the 

shopping landscape. Today, consumers navigate a vast digital 

marketplace, demanding personalized experiences and efficient 

decision-making tools. Artificial intelligence (AI) has emerged 

as a powerful force in this domain, influencing consumer 

behavior in profound ways. This review examines the current 

state of knowledge regarding AI applications in e-commerce and 

their impact on consumer psychology and purchasing decisions. 

The use of AI in e-commerce is a topic that has been extensively 

studied. A few abstracts from current literature are shown below.  

According to Soni (2020), this review examines artificial 

intelligence's function in e-commerce. The e-commerce era has 

rapidly expanded during the last few years. Concurrently, 

technical advancements have given rise to many stages that are 

helpful in identifying market demands and updating trends. 

Thus, the application of artificial intelligence in e-commerce is 

the main topic of this paper. According to Anakkala (2021), 

artificial intelligence (AI) is the process of creating a system that 

demonstrates traits that humans would naturally possess a 

connect to human intelligence. A recommendation system 

provides end users with tailored content, such as items. This 

master's thesis examines the value propositions of the 

recommended systems as well as how AI applications for 

eCommerce merchants create value. Ten responders from two 

companies participated in this qualitative case study research 

project. Respondents spoke for merchant associations and 

suppliers.  

 

The study clarified respondents' perceptions of AI. Research 

determined the most important AI subfields for online retailers, 

as well as using attributes and value statements. According to 

Panigrahi and Karuna (2021), there has been a significant change 

in the way that retail consumers shop. Instead of physically 

walking to their favorite or closest traditional brick-and-mortar 

store, they are now ordering everything they need from the 

comfort of their home. Although this is highly convenient, 
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retailers have to deal with fierce competition in this growing 

industry, which has specific underlying costs for businesses that 

might occasionally jeopardize the very survival being fought for. 

Similarly, there are a number of obstacles to this emerging 

industry that impede development, such as internet outages.  

 

To increase their productivity and efficiency, many e-commerce 

companies have developed business engagement techniques that 

are based on artificial intelligence (AI). The effects of AI on the 

operational effectiveness of e-commerce businesses that aim for 

a good outcome have been the subject of numerous studies. This 

essay explains the implications of artificial intelligence (AI) in 

e-commerce from several angles and argues that AI is, in fact, a 

necessary element for raising e-commerce business engagement. 

In such role, it supports this perspective with a methodical 

analysis of relevant literature. The necessary steps of conducting 

a systematic review were taken to guarantee that there is no 

information base. Desai (2021) asserts that personalization is 

frequently employed in internet businesses to attract and keep 

clients by addressing one-size-fits-all problems, but that users' 

immediate requirements are not given enough consideration. 

Due to the ever-changing needs of customers and the rapid 

exposure to new information, owners of e-commerce websites 

struggle to create effective personalization using these tactics for 

customer-centric marketing through enhanced experience. This 

chapter examines hyper personalization techniques to solve this 

and get past users' perceived demand for improved service. 

In this study, the key elements of successful customer-centric 

marketing are presented, along with a hyper-personalization 

process using machine learning (ML) and artificial intelligence 

(AI) techniques for marketing functions like segmentation, 

targeting, and positioning based on real-time analytics 

throughout the customer journey. This chapter enables marketers 

to employ AI-enabled personalization to meet specific consumer 

needs and generate higher returns by giving the appropriate 

customer the right information through the right channel at the 

right time.  

 

Yan et al.,, (2021) state that the main focus of this paper is on 

the application of artificial intelligence, particularly robotics, in 

the American retail industry. To this end, the paper presents and 

explains the evolution of the American retail sector in recent 

years and looks into specific instances of three major American 

companies: Amazon, Walmart, and Costco. In this piece, we 

examine the similarities and differences between these three 

businesses' use of AI. Thus, in order to increase their efficiency 

and revenues, these astute retail organizations are not only 

shifting their focus to e-commerce development but also 

leveraging AI during the creation process, as the report uncovers. 

Additionally, a number of AI-related topics have been covered 

by Purcarea (2021), Roy and Tang (2021), and Kumar and 

Trakru (2020) on the various applications of AI in e-Commerce.  

 

Personalization and Recommender Systems 

A core area of AI application in e-commerce is personalization. 

Platforms leverage machine learning algorithms to analyze vast 

datasets of user behavior, purchase history, and demographic 

information. This enables the creation of highly targeted product 

recommendations, promotions, and content tailored to individual 

preferences. Studies by [Adomavicius et al.,2013] and [Dokyun 

Lee & Hosanagar, 2021] highlight the effectiveness of 

recommender systems in driving customer engagement and 

sales. 

 

Personalization fosters a sense of connection with the platform, 

leading to increased satisfaction and trust [E-commerce and 

consumer behavior: A review of AI-powered personalization and 

market trends | Request PDF - ResearchGate]. However, a gap 

exists in research regarding the long-term impact of 

recommendation systems on consumer behavior. Studies by [Liu 

et al.,2020] and [Zhang et al.,2021] suggest potential downsides 

like information overload and filter bubbles, where users are 

only exposed to products that reinforce their existing 

preferences. 

 

Chatbots and Conversational AI 

AI-powered chatbots are transforming customer service within 

e-commerce platforms. These virtual assistants provide real-time 

support, answer questions, and guide users through the buying 

journey. Research by [Nirmal Raj, 2023] emphasizes the 

efficiency gains associated with chatbots, particularly in 

handling repetitive tasks. However, the effectiveness of chatbots 

in influencing consumer behavior is debated. While some studies 

suggest user acceptance [Nirmal Raj, 2023], others highlight the 

importance of transparency and user control over interactions 

[Artificial Intelligence in E-commerce: a bibliometric study and 

literature review | Electronic Markets - SpringerLink]. 

 

Pricing and Dynamic Optimization 

AI algorithms are increasingly used for dynamic pricing in e-

commerce. These algorithms analyze factors like market 

demand, competitor pricing, and user behavior to set optimal 

prices in real-time. While this can benefit both consumers and 

retailers, ethical considerations arise. Consumers might perceive 

dynamic pricing as unfair or manipulative. Further research is 

needed to understand the long-term influence of dynamic pricing 

on consumer trust and brand loyalty. 

 

The Future of Predictive Analytics by AI and Consumer 

Behavior 

The application of AI in e-commerce is constantly evolving. 

Emerging areas include personalized search functionalities, 

intelligent product discovery, and AI-powered sentiment 

analysis to gauge customer satisfaction. However, alongside 

these advancements, concerns remain regarding data privacy, 

algorithmic bias, and the potential for manipulation. One of the 

top five marketing categories is artificial intelligence (Shaik, 

2023). Predictive marketing, which use sophisticated analytics 

and machine learning approaches to predict client behavior and 

preferences, has rapidly evolved as a result of this realization 

(Belk et al.,2023). Predictive marketing has gained popularity as 

a result of its potential advantages for increasing revenue, 
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retaining customers, and personalizing advertising for 

organizations (Verma et al.,2021). Large-scale data collection 

and analysis from a variety of sources, such as social media, 

mobile devices, and online transactions, is now feasible thanks 

to the development of digital technologies and big data analytics. 

This has made it possible for companies to provide more 

engaging and tailored experiences by gaining insights on the 

behavior and preferences of their customers. In a study by Patel 

and Trivedi (2020), the use of deep learning algorithms and 

natural language processing in predictive marketing was 

examined. The results showed promise in producing more 

precise and customized insights into consumer behavior. 

 

AI-driven predictive marketing has grown significantly in 

popularity and use in industrialized nations. According to US 

research by Wu and Monfort (2023), businesses can efficiently 

customize their marketing campaigns by utilizing AI-based 

systems to assess consumer behavior. The literature has 

extensively documented the incorporation of AI into CRM 

systems, which enables more individualized consumer 

interactions (Dwivedi et al.,2023). These studies show how AI 

technology has become a mainstay of marketing efforts in 

industrialized countries when combined with a wealth of 

customer data. Furthermore, wealthy nations have given 

attention to the ethical issues surrounding AI in predictive 

marketing (Wakunuma et al.,2020). In their 2019 study, Strusani 

and Houngbonon highlight the need of upholding ethical 

standards while discussing the importance of protecting 

customer privacy and transparency while applying AI in 

marketing.  

 

According to the literature, privacy issues with AI-driven 

marketing have received a lot of attention, but there is still a lot 

of unanswered ethical debate over consumer manipulation, 

market share concentration, and customer priority. Through a 

thorough analysis of the existing literature on predictive 

marketing, we were able to identify significant research gaps. 

First, a more comprehensive knowledge of the adoption and 

application of AI in enterprises is required.  

Researchers looked into companies that use AI-based marketing 

solutions in a qualitative study (De Bruyn et al.,2020). They 

discovered that while these businesses benefited from enhanced 

productivity and improved decision-making, they also 

encountered issues with algorithmic bias and poor data quality. 

In this research, we sought to shed light on the ways in which 

data analysts may guarantee that the adverse effects of AI-based 

marketing tools are minimized. Second, there needs to be more 

consistency between theory and practice (Clarke and 

Whittlestone, 2022). 

 

3. RESEARCH METHODOLOGY 

Research Design  

Concerns around data privacy, market share concentration, and 

possible manipulative tactics have been brought up by the use of 

AI in predictive marketing (Ogbuke et al.,2022). Therefore, in 

order to investigate the ethical implications of AI in predictive 

marketing, this study adopted a qualitative research design. This 

study used a qualitative methodology. To collect and process the 

data, we carried out in-depth interviews and content analysis. For 

a number of reasons, it was determined that this study's use of a 

qualitative research approach was required to investigate the 

moral implications of artificial intelligence in predictive 

marketing. First off, a thorough investigation is necessary due to 

the complexity and multifaceted nature of the challenges raised 

by the use of AI in predictive marketing, which include data 

privacy, market share concentration, and possible manipulative 

activities (Ogbuke et al.,2022). The second research question is 

to comprehend the attitudes, perspectives, and experiences of 

managers and professionals in predictive marketing and artificial 

intelligence with regard to applying AI in predictive marketing. 

In order to gather comprehensive, rich data on people's 

subjective experiences and views, qualitative methods were 

employed. Additionally, because qualitative research enables a 

deeper understanding of stakeholders' experiences and 

perceptions in real-world contexts, it has been widely used to 

explore ethical issues related to technology and marketing, 

including artificial intelligence (AI) (Umer et al.,2019). For 

these reasons, we chose qualitative research.  

 

Participants and Procedures  

Purposive sampling was utilized in this study to choose 

participants that have firsthand experience and knowledge with 

utilizing AI in predictive marketing, such as managers and data 

analysts. Furthermore, purposive sampling may have initially 

missed some individuals, thus snowball sampling was utilized to 

find more of them. These sampling strategies were used to 

guarantee that participants were chosen based on their 

applicability to the study topic and to gather a range of 

viewpoints regarding the moral implications of artificial 

intelligence in predictive marketing. The sample consisted of 14 

participants, including 6 digital marketers and 8 data analysts. 

The participants had past experience with AI-enabled systems 

for manipulating customers, concentrating market share, and 

prioritizing customers.  

 

The selection of participants was based on their proficiency in 

AI-enabled predictive marketing, with the objective of 

incorporating persons possessing relevant knowledge and 

experience that may offer significant insights into the research 

inquiry. Potential volunteers were contacted by email or 

message, outlining the goals and purpose of the research. Direct 

contact was developed when personal relationships were present. 

An information document outlining the goal of the study, the 

voluntary nature of participation, and data confidentiality was 

also attached to the email or message. Every participant also 

provided their informed consent, and this procedure was 

recorded using a consent form.  

 

The survey participants exhibited a heterogeneous demographic 

profile, encompassing a blend of data analysts and digital 

marketers from numerous industries, including technology, 

banking, and e-commerce. The goal of the participant 
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demographic variety was to gather a range of viewpoints and 

experiences about the use of AI in marketing, therefore 

enhancing the validity and generalizability of the results. The 

participants showed a broad spectrum of expertise in data 

analysis and digital marketing from their professional 

experiences. They had an average of 8 years of job experience, 

ranging from 3 to 15 years. The participants were well-versed in 

the techniques of digital marketing. Their responsibilities 

covered a wide range of digital marketing tasks, such as paid 

advertising campaigns, social media and content marketing, 

email marketing, search engine optimization, and more.  

Participants' levels of expertise with data analysis varied. Some 

were experts in statistical analysis, predictive modeling, data 

mining, and other data analytics tools and techniques, while 

others concentrated on strategy development and data 

interpretation. In terms of gender, our participant group was 

diverse. It was a balanced representation of professionals, both 

male and female. Individuals with backgrounds in both domestic 

and international corporations were among the participants. The 

sample size was established by the saturation approach, which is 

frequently applied in qualitative research projects that include 

interviews (Hennink and Kaiser, 2022). Data saturation was 

noticed after 14 interviews—nine performed virtually and five 

in-person—which prompted us to set the sample size at a 

maximum of 14 informants.  

 

Data Collection   

With the aim of examining the perspectives and experiences of 

the data analysts, each participant was subjected to semi-

structured interviews. The study required a rigorous ethics 

approval procedure that addressed ethical issues and guaranteed 

the safety of participant welfare data. The transparency of the 

approach employed improved the credibility and reliability of 

the study. The Zoom technology was used for the interviews, 

which made it easier for the participants to participate remotely 

given their hectic schedules. Furthermore, it featured a recording 

function that made it possible to accurately transcribe the 

interviews, guaranteeing that the information gathered was 

thorough and correct. In several research contexts, Zoom has 

been used for qualitative research interviews more frequently in 

recent years (Antoine et al.,2022).  

 

The period of time that the data was collected was six weeks, 

from February 2023 to March 2023. Because the interviews were 

conversational in nature, participants felt free to openly discuss 

their thoughts and experiences with applying AI to predictive 

marketing. English was the language used for some of the 

interviews. The others were born speaking Urdu, the native 

tongue. The terminology used for the conversation was used for 

the preliminary analysis. 

 

After translating the initial insights from Urdu to English, which 

took a lot of time and meticulous attention to detail but was 

required to assure correctness and prevent misinterpretation, the 

final analysis was completed in English. Furthermore, adding 

individuals with low English proficiency to the survey increased 

the variety of viewpoints and experiences that were recorded.  

 

Data Analysis 

Three unique processes were engaged in our analysis: first, we 

iteratively reviewed and refined the acquired data, and then we 

reexamined the data to see how well the refined data fit the 

baseline theory. We started by going over the information 

gathered for the investigation. The interview material was 

painstakingly transcribed, and to find, look into, and report on 

patterns (themes) within the data, thematic analysis was used. 

Following the interviews, the researcher painstakingly typed up 

the spoken words while listening to the audio recordings of the 

conversations to manually transcribe the data. A more precise 

and comprehensive record of the information acquired during the 

interviews was made possible by this painstaking procedure. 

Five stages went into creating a thematic map in order to 

determine the primary themes, subthemes, and connections 

between the various parts. 

 

Phase 1 involved getting acquainted with the data. The 

researcher studied the transcripts multiple times after the data 

was transcribed in order to look for reoccurring themes and 

patterns pertaining to the moral ramifications of utilizing AI in 

predictive marketing. We employed a technique known as 

"open-coding" to discern unique patterns within the data that 

were either recurring or unexpectedly novel. This led to 

identification of different codes for representation of identified 

themes.  

 

Phase 2 involved the systematic identification and labeling of 

pertinent data features across the whole dataset to provide initial 

codes that matched each code (Terry et al.,2017). The data was 

coded using a methodical and meticulous methodology in this 

procedure, whereby text segments were labeled with codes that 

corresponded to the themes that surfaced from the data. It's 

crucial to remember that the coding procedure solely employed 

an inductive methodology. After the data was analyzed, it was 

evident that the outcomes showed a strong dedication to moral 

behavior and the appropriate application of AI in commercial 

operations.  

 

Phase 3 involved a theme search. As we moved from codes to 

themes, our analysis began to take shape. In this phase, Terry et 

al., (2017) collected all the data relevant to each prospective 

topic, compiled principles to build potential themes, and 

reviewed the coded data to detect similar and overlapping areas 

between codes. To reduce the quantity of codes and group them 

into distinct themes, the data were read repeatedly and the cycle 

was carried out multiple times.  

 

During Phase 4, we evaluated the interview data to validate the 

given codes (Terry et al.,2017). The iterative method required 

ongoing contemplation and detailed observation of the data and 

its interpretation. This phase was mainly about quality assurance. 

During this stage, new themes were created and previous themes 
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were adjusted, including condensing them into fine-grained 

detail.  

In Phase 5 of the analysis, selected extracts were thoroughly 

studied, findings were linked to the research topic and related 

literature, and results were reported (Terry et al.,2017). We 

extracted key statements from the data to highlight the results.  

Qualitative research relies on reliability and validity to assure 

high-quality data, with triangulation and peer debriefing 

supporting conclusions (Awan et al.,2023). According to Ritter 

et al.,, (2023), an audit trail was used to document decisions, 

while reflexivity was used to address any biases. Ethical 

considerations followed acknowledged criteria (Association, 

1992). An external review of scholars verified that the research 

was evaluated by experts. These measurements increased data 

analysis quality, reliability, and validity, aligning with 

qualitative research best practices.  

 

4. RESULTS AND DISCUSSION 

The writers used thematic analysis to identify seven important 

topics. The resulting themes were clustered using an inductive 

analysis of four global domains, followed by dimensions from 

Ashok et al.,,'s (2022) ontological framework. The interviews 

followed a structure of 18 main questions, but were not limited 

to them. To assess data analysts and digital marketers' awareness 

of ethical considerations related to AI-driven systems, they were 

asked: "Are there any ethical concerns in AI-based marketing"? 

The majority of 14 informants expressed concern about 

discrimination and bias in AI-based systems. They helped guide 

discussions with professionals and garner insights from their 

practical experiences. This article analyzes interview data and 

identifies key themes. This study supports Ashok's ontological 

framework and its implications for digital ethics. Interviews 

show that AI-driven marketing systems have a complex impact 

on market share concentration. These mechanisms can enhance 

market share concentration, but also level the playing field for 

smaller enterprises and improve market efficiency. Governing 

AI-driven marketing systems for market share concentration 

should address economic, societal, and regulatory effects. 

Further research into the impact of AI-driven marketing systems 

on economic distribution and inequality could enhance Ashok's 

theory. Businesses can benefit from using AI in predictive 

marketing, but it also offers obstacles. AI-powered predictive 

marketing provides precise and tailored insights into consumer 

behavior, allowing firms to optimize marketing efforts and 

provide more relevant customer experiences.  

 

However, utilizing AI in marketing can have unforeseen 

implications, like perpetuating prejudices and inequities, 

compromising customer privacy, limiting competition, and 

manipulating consumer behavior (Dwivedi and Wang, 2022). 

According to Bezuidenhout et al., (2022), while AI is a great tool 

for improving marketing operations, it requires careful 

preparation to maximize advantages and reduce potential 

hazards. This study addresses ethical problems around customer 

priority, market share concentration, and manipulation of 

consumer behavior when investigating the impact of AI on 

predictive marketing. Our work offers a unique perspective on 

the privacy consequences of predictive marketing, in contrast to 

previous research (Quach et al.,2022). This paper highlights 

ethical problems about utilizing AI in predictive marketing, such 

as customer priority, market share concentration, and consumer 

behavior manipulation. Previous research has expressed similar 

issues (Jarrahi, 2018). Our conversations with data analysts and 

digital marketers show that they prioritize ethical considerations. 

Most informants agreed that leveraging consumer data to train 

AI models and forecast outcomes raises concerns about openness 

and informed permission. However, some informants 

acknowledge that ensuring complete transparency and un-bias is 

challenging, especially when dealing with complex AI 

algorithms that may be difficult to explain to non-technical users, 

as highlighted in previous studies (Mittelstadt et al.,2016).  

Brynjolfsson et al., (2018) highlights the importance of ethical 

considerations regarding market share concentration, which has 

been overlooked by previous studies. The study found that a few 

companies hold a significant market share. 

 

Finally, incorporating AI into marketing raises issues about 

manipulating consumer behavior. Predictive marketing systems 

have been studied for their impact on consumer decisions in 

various contexts (de Marcellis-Warin et al.,2022). Businesses try 

to acquire new customers, predict consumer behavior, and use 

"smart" technology to improve sales while decreasing customer 

loyalty and happiness. The consistent results across contexts 

emphasize the need for ethical considerations when utilizing AI 

for predictive marketing. 

 

The crucial role that technology and equipment play is dependent 

on both the availability of human resources and technological 

improvements, according to empirical research (Co and others, 

1998). The technology acceptance model (Davis, 1989) outlines 

how e-commerce platforms' ability to acquire market-based 

assets through the deployment of AI technology resources is 

contingent upon the perceived ease of use and utility of those 

resources. Behavioral inclinations and acts that follow these 

attitudes further impact the attitude of e-commerce platforms 

toward AI technology resources (Davis, 1989). In this regard, 

artificial intelligence personnel, including technology. 

Management skills are essential for guaranteeing usability, 

eliminating operational barriers, and optimizing the performance 

of every piece of AI hardware and technology.  

 

5. FINDINGS  

Predictive analytics, enabled by AI, has become a critical 

component in optimizing inventory management for e-

commerce enterprises. Predictive analytics systems accurately 

project future demand by utilizing historical sales data, user 

behavior patterns, and external factors (Kharfan et al.,2021). 

This proactive approach allows firms to better coordinate their 

inventory levels with projected demand, lowering the risk of 

overstocking or stockout. AI-powered predictive analytics takes 

into account not only historical sales trends, but also responds to 

changing market dynamics in real time. The algorithms take into 
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account seasonal variations, economic patterns, and even 

external events, resulting in a full grasp of the elements 

impacting consumer demand. This dynamic optimization assures 

that e-commerce platforms have efficient supply chains, low 

carrying costs, and improved overall operational efficiency. 

 

The incorporation of machine learning algorithms is 

transforming how e-commerce platforms recognize and 

anticipate consumer preferences. Machine learning models 

identify nuanced patterns and preferences by evaluating large 

datasets that include user interactions, buying histories, and even 

social media activity. This kind of information enables firms to 

create highly tailored experiences for their customers. Machine 

learning algorithms can forecast not just what things a customer 

could be interested in, but also the best time for product 

recommendations (Yi and Liu, 2020). This comprehensive 

analysis of consumer behavior enables e-commerce platforms to 

send targeted material and suggestions at the most appropriate 

times, considerably improving the possibility of conversion. 

Furthermore, the continual learning capability of machine 

learning ensures that recommendations are always up to date. As 

user preferences change, algorithms adjust, delivering customer 

royalty. (Siebert et al.,2020) 

 

The incorporation of developing technologies, such as chatbots 

and virtual assistants, is altering the e-commerce user experience 

(Hoyer et al.,2020). AI-powered chatbots act as virtual 

assistants, offering real-time customer service, answering 

questions, and guiding customers through the purchasing 

process. This not only improves user pleasure but also simplifies 

the consumer experience, resulting in improved conversion rates. 

Chatbots employ natural language processing to understand user 

inquiries and give pertinent information or support. They are 

available at all hours of the day and night, providing prompt 

responses and individualized encounters. Virtual assistants, on 

the other hand, can hold more complicated conversations, grasp 

context, and carry out activities like product searches or order 

tracking (Hoyer et al.,2020). Chatbots and virtual assistants are 

seamlessly integrated into e-commerce platforms, enhancing 

accessibility, ease, responsiveness and creating a more 

immersive and user-friendly experience.  

 

Data-driven techniques are driving tailored marketing and 

product suggestions in e-commerce. AI tailors marketing 

messaging and product suggestions based on customer data such 

as surfing behavior, purchase history, and demographic 

information (Chintalapati and Pandey, 2022). This personalized 

approach ensures that promotional activities appeal to individual 

interests, boosting the effectiveness of marketing campaigns. 

Personalized marketing goes beyond product suggestions and 

includes personalized promotions, discounts, and content. By 

recognizing each user's individual interests, e-commerce 

platforms may design hyper-targeted marketing that appeal to 

certain subsets of their audience. Furthermore, data-driven 

strategies support A/B testing and performance monitoring, 

allowing organizations to fine-tune their marketing plans in real 

time (Gupta et al.,2020). This iterative strategy guarantees that 

marketing initiatives stay adaptable and effective. 

Finally, AI has had a significant impact on e-commerce industry 

trends, transforming how businesses operate and interact with 

customers. Predictive analytics optimizes inventory 

management, machine learning algorithms forecast consumer 

preferences, and emerging technologies such as chatbots 

improve user experiences. Data-driven tactics generate tailored 

marketing and product recommendations, resulting in a digital 

ecosystem in which firms can survive by satisfying the changing 

expectations of tech-savvy customers (Jankovic and Curovic, 

2023). As e-commerce evolves, strategic adoption of AI 

technologies remains critical for staying competitive and 

providing outstanding value to users. 

 

Ethical Considerations 

As the integration of Artificial Intelligence (AI) continues to 

transform the e-commerce sector, ethical concerns have taken 

center stage (Ikhtiyorov, 2023). This paper investigates the 

challenges and ethical considerations associated with AI-

powered personalization, such as data privacy concerns, 

algorithmic bias, the delicate balance between customization and 

user privacy, and the role of regulatory frameworks and industry 

standards in ensuring ethical AI practices in e-commerce. AI-

powered customization is primarily reliant on the analysis of 

large datasets containing user behavior, preferences, and 

interactions. While this data-driven method improves content 

customizing and recommendations, it also poses serious data 

privacy concerns. Consumers are increasingly aware of the 

worth and sensitivity of their personal information, raising 

worries about how their data is acquired, handled, and exploited 

by e-commerce platforms. The indiscriminate collecting of user 

data for personalization might result in privacy violations and 

illegal access. Customers may be concerned about the usage of 

their browser history, buying trends, and personal preferences to 

inform algorithms. To sustain client trust, e-commerce platforms 

must strike a balance between providing tailored experiences and 

maintaining user privacy. Algorithmic bias, a widespread issue 

in AI systems, has far-reaching ramifications for fair and 

unbiased user experiences in e-commerce (Chen et al.,2023). AI 

algorithms learn from past data, and if that data contains 

prejudices, the algorithms may unintentionally perpetuate or 

increase existing biases. This can lead to discriminatory 

decisions that disproportionately affect specific demographic 

groups. In e-commerce, algorithmic bias can show as biased 

product suggestions, pricing inconsistencies, or discriminatory 

marketing targeting (Akter et al.,2021). For example, biased 

algorithms may result in particular customers being presented 

higher-priced products or receiving different promotions 

depending on race, gender, or socioeconomic position. 

Addressing algorithmic bias necessitates a collaborative effort 

between developers and data scientists to ensure that training 

data is varied, representative, and devoid of inherent prejudice. 

Regular audits and transparency in algorithmic decision-making 

processes are required to successfully detect and correct bias 

(Brown et al.,2021). To prevent being perceived as intrusive, a 
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delicate balance must be achieved between personalization and 

user privacy. While consumers like tailored experiences, they 

also respect their privacy and may grow concerned if they 

believe their online behaviors are being overly monitored or 

exploited. E-commerce platforms must incorporate strong 

privacy safeguards, such as clear and transparent data collection 

policies, user permission processes, and, where possible, 

anonymization of personally identifiable information (Youssef 

and Hossam, 2023). Communicating with consumers about how 

their data will be used, as well as providing alternatives for 

personalization preferences, can help users feel empowered and 

in control of their online experiences. Avoiding intrusiveness 

necessitates a thorough awareness of user boundaries.  To 

address the ethical challenges of AI-powered personalization in 

e-commerce, legislative frameworks and industry standards are 

critical. Governments and regulatory agencies are increasingly 

recognizing the need for standards and laws to ensure that AI 

technologies are used responsibly and ethically (de Almeida et 

al.,2021). Regulations may include data protection legislation, 

recommendations for algorithmic openness, and steps to reduce 

algorithmic bias. E-commerce platforms must keep up with these 

restrictions and adjust their procedures to meet increasing ethical 

standards. Industry initiatives and alliances are also critical to 

building ethical AI practices. Organizations can collaborate to 

share best practices, create standards, and increase openness in 

AI systems.  

 

In conclusion, incorporating AI-powered customization into e-

commerce brings both benefits and concerns, notably in terms of 

ethical implications. Data privacy concerns, algorithmic bias, the 

delicate balance between personalization and user privacy, and 

the significance of legal frameworks and industry standards must 

all be addressed carefully (Dhiran et al.,2023). By proactively 

addressing these concerns, e-commerce platforms may increase 

user trust, encourage fair and unbiased customer experiences, 

and contribute to the responsible evolution of AI technology in 

the digital marketplace. Ethical considerations must stay at the 

forefront as e-commerce evolves in the age of AI-powered 

personalization. 

 

6. CONCLUSION  

Impact on Consumer Behavior 

In the dynamic environment of electronic commerce (e-

commerce), the incorporation of Artificial Intelligence (AI)-

powered personalization has had a significant impact on 

consumer behavior. This article investigates the varied impact of 

AI-powered customization, including how it influences 

consumer decision-making, creates trust through transparent 

practices, elicits feedback and adaptation to individualized 

experiences, and supports long-term customer loyalty in the area 

of e-commerce. AI-powered customization influences customer 

decision-making by providing unique and relevant experiences. 

E-commerce platforms use sophisticated algorithms to examine 

large datasets, such as user preferences, purchase history, and 

browsing activity, to provide personalized product 

recommendations and content (Hussien et al.,2021). This level 

of customization not only makes the decision-making process 

easier for consumers, but it also increases their overall pleasure. 

AI-powered customization improves the buying experience by 

recognizing individual preferences. Consumers are given with 

customized options that match their preferences, which 

simplifies the selection process. The impact on decision-making 

extends beyond product recommendations to personalized 

marketing messages, promotions, and even website interfaces, 

all of which contribute to a more engaging and user-friendly 

experience. Trust is an essential component of successful 

consumer-business partnerships, and AI-powered 

personalization can foster trust when handled clearly and 

responsibly (Remolina & Gurrea-Martinez, 2023). Consumers 

are becoming increasingly cognizant of how their data is used, 

and e-commerce platforms that value transparency in data 

collection, storage, and utilization instill trust in their user base. 

Transparent AI practices require open discussion about how 

personal data is processed and utilized to customize experiences. 

E-commerce platforms should provide users with easily 

available information about the methods underlying AI-powered 

personalization, allowing them to make educated decisions about 

their online interactions (Teodorescu et al.,2023). Ethical 

factors, such as data security, privacy protection, and the 

avoidance of algorithmic bias, help to create a trustworthy 

workplace. AI-powered personalization systems are constantly 

learning and adapting based on customer interactions and 

feedback. Consumer feedback becomes an invaluable resource 

for optimizing algorithms and improving the customization 

process. E-commerce platforms that actively seek and respond to 

consumer feedback show a desire to improve and customize 

(Garcia Valencia et al.,2023). Consumers, in turn, adapt to 

personalized experiences after seeing the benefits of 

individualized recommendations and information. Positive 

experiences boost user pleasure and engagement, resulting in a 

positive feedback cycle. As consumers become more 

accustomed to individualized interactions, their expectations 

shift, influencing how they interact with e-commerce platforms 

and altering their preferences over time.  

The influence of AI-powered personalization extends beyond 

individual transactions, with a critical role in creating long-term 

client loyalty in e-commerce. According to Davidavičienė et al.,, 

(2020), e-commerce platforms can build user loyalty by 

providing individualized and relevant experiences. AI-driven 

tactics help firms gain a more thorough understanding of client 

preferences and habits, allowing them to predict and meet 

changing needs.  Furthermore, AI-powered customization helps 

to create a memorable and unique brand experience. Consumers 

build a stronger attachment for a brand when they repeatedly 

encounter individualized material, recommendations, and user 

interfaces that match their tastes (Muchenje et al.,2023). This 

emotional connection strengthens client loyalty and raises the 

possibility of repeat purchases. To summarize, the influence of 

AI-powered personalization on consumer behavior in e-

commerce is significant and diverse. It influences decision-

making by simplifying options, develops trust through 

transparent and ethical processes, encourages consumer 
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feedback and adaption to individualized experiences, and, 

ultimately, fosters long-lasting customer loyalty. As e-commerce 

evolves, the strategic integration of AI-powered customization 

remains a crucial driver in changing consumer behavior and 

developing long-lasting relationships between businesses and 

customers. AI plays a significant role in shaping consumer 

behavior within e-commerce platforms. Personalization, 

chatbots, and dynamic pricing represent key areas of application, 

influencing user experience, purchase decisions, and overall 

satisfaction. It is crucial to acknowledge both the benefits and 

potential drawbacks of AI. Future research should explore the 

long-term impact of AI on consumer psychology, ethical 

considerations surrounding data usage, and the development of 

transparent and user-centric AI applications within the e-

commerce landscape 

 

REFERENCES  

1. Anayat S, Rasool G. Artificial intelligence marketing 

(AIM): connecting the dots using bibliometrics. J Mark 

Theory Pract. 2022;32(1):1-22. 

2. Antoine A, Fitchett G, Marin D, Sharma V, Garman A, 

Haythorn T, et al.,, What organizational and business 

models underlie the provision of spiritual care in healthcare 

organizations? An initial description and analysis. J Health 

Care Chaplain. 2022;28(2):272-84. 

3. Ashok M, Madan R, Joha A, Sivarajah U. Ethical framework 

for artificial intelligence and digital technologies. Int J Inf 

Manag. 2022;62:102433. 

4. Association AP. Ethical principles of psychologists and 

code of conduct. Am Psychol. 1992;47(12):1597-611. 

5. Athey S, Imbens GW. The state of applied econometrics: 

causality and policy evaluation. J Econ Perspect. 

2017;31(2):3-32. 

6. Awan S, Yahya U, Arif M. Quality standards of qualitative 

research in applied linguistics: a conceptual review. VFAST 

Trans Educ Soc Sci. 2023;11(2):68-75. 

7. Barsha S, Munshi SA. Implementing artificial intelligence 

in library services: a review of current prospects and 

challenges of developing countries. Libr Hi Tech News. 

2023;41(1). 

8. Belk RW, Belanche D, Flavian C. Key concepts in artificial 

intelligence and technologies 4.0 in services. Serv Bus. 

2023;17(1):1-9. 

9. Benlian A, Wiener M, Cram WA, Krasnova H, Maedche A, 

Möhlmann M, et al.,, Algorithmic management: bright and 

dark sides, practical implications, and research 

opportunities. Bus Inf Syst Eng. 2022;64(6):825-39. 

10. Bezuidenhout C, Heffernan T, Abbas R, Mehmet M. The 

impact of artificial intelligence on the marketing practices of 

professional services firms. J Mark Theory Pract. 

2022;31(4):1-22. 

11. Bibri ES, Krogstie J, Kaboli A, Alahi A. Smarter eco-cities 

and their leading-edge artificial intelligence of things 

solutions for environmental sustainability: a comprehensive 

systematic review. Environ Sci Ecotechnol. 

2023;19:100330. 

12. Blösser M, Weihrauch A. A consumer perspective of AI 

certification–the current certification landscape, consumer 

approval and directions for future research. Eur J Mark. 

2023. 

13. Brynjolfsson E, Rock D, Syverson C. Artificial intelligence 

and the modern productivity paradox: a clash of 

expectations and statistics. In: The Economics of Artificial 

Intelligence: An Agenda. University of Chicago Press; 2018. 

p. 23-57. 

14. Burrell J. How the machine ‘thinks’: understanding opacity 

in machine learning algorithms. Big Data Soc. 

2016;3(1):2053951715622512. 

15. Chang V. An ethical framework for big data and smart cities. 

Technol Forecast Soc Change. 2021;165:120559. 

16. Chang YL, Ke J. Socially responsible artificial intelligence 

empowered people analytics: a novel framework towards 

sustainability. Hum Resour Dev Rev. 

2023;15344843231200930. 

17. Cheng Y, Jiang H. How do AI-driven chatbots impact user 

experience? Examining gratifications, perceived privacy 

risk, satisfaction, loyalty, and continued use. J Broadcast 

Electron Media. 2020;64(4):592-614. 

18. Chintalapati S, Pandey SK. Artificial intelligence in 

marketing: a systematic literature review. Int J Mark Res. 

2022;64(1):38-68. 

https://creativecommons.org/licenses/by/4.0/


Int. Jr. of Contemp. Res. in Multi.                       Volume 3 Issue 4 [Jul- Aug] 2024 
 

11 
© 2024 Upasana Das. This is an open access article distributed under the terms of the Creative Commons Attribution 4.0 International License (CC BY 

NC ND). https://creativecommons.org/licenses/by/4.0/  

 

19. Clarke S, Whittlestone J. A survey of the potential long-term 

impacts of AI: how AI could lead to long-term changes in 

science, cooperation, power, epistemics and values. In: 

Proceedings of the 2022 AAAI/ACM Conference on AI, 

Ethics, and Society. 2022. 

20. Collins CJ. Expanding the resource-based view model of 

strategic human resource management. Int J Hum Resour 

Manag. 2021;32(2):331-58. 

21. Davenport T, Guha A, Grewal D, Bressgott T. How artificial 

intelligence will change the future of marketing. J Acad 

Mark Sci. 2020;48(1):24-42. 

22. De Bruyn A, Viswanathan V, Beh YS, Brock JK, Von 

Wangenheim F. Artificial intelligence and marketing: 

pitfalls and opportunities. J Interact Mark. 2020;51(1):91-

105. 

23. Díaz-Rodríguez N, Del Ser J, Coeckelbergh M, de Prado 

ML, Herrera-Viedma E, Herrera F. Connecting the dots in 

trustworthy artificial intelligence: from AI principles, ethics, 

and key requirements to responsible AI systems and 

regulation. Inf Fusion. 2023;99:101896. 

24. Du S, Xie C. Paradoxes of artificial intelligence in consumer 

markets: ethical challenges and opportunities. J Bus Res. 

2021;129:961-74. 

25. Duan Y, Edwards JS, Dwivedi YK. Artificial intelligence 

for decision making in the era of big data–evolution, 

challenges and research agenda. Int J Inf Manag. 

2019;48:63-71. 

26. Dwivedi YK, Wang Y. Guest editorial: artificial intelligence 

for B2B marketing: challenges and opportunities. Ind Mark 

Manag. 2022;105:109-13. 

27. Dwivedi R, Nerur S, Balijepally V. Exploring artificial 

intelligence and big data scholarship in information systems: 

a citation, bibliographic coupling, and co-word analysis. Int 

J Inf Manag Data Insights. 2023;3(2):100185. 

28. Dwivedi YK, Ismagilova E, Hughes DL, Carlson J, Filieri 

R, Jacobson J, et al.,, Setting the future of digital and social 

media marketing research: perspectives and research 

propositions. Int J Inf Manag. 2021;59:102168. 

29. Manikandan G, Bhuvaneswari G. Measuring the influence 

of artificial intelligence (AI) on online purchase decisions-

in case of Indian consumers [Internet]. 2024. Available 

from: 

https://www.semanticscholar.org/paper/629b65c8629c05ef

cf02d40bd314a71890e8df90 

30. Fan J, He L. The impacts of digital transformation on firm 

performance in China: the moderating role of supply chain 

concentration. Int J Logist Res Appl. 2023;1-20. 

31. Flink C, Gross L, Pasmore W. Doing Well and Doing Good: 

Human-Centered Digital Transformation Leadership. World 

Scientific. 2023;3. 

32. Frizzo-Barker J, Chow-White PA, Mozafari M, Ha D. An 

empirical study of the rise of big data in business 

scholarship. Int J Inf Manag. 2016;36(3):403-13. 

33. Ghanbarpour T, Sahabeh E, Gustafsson A. Consumer 

response to online behavioral advertising in a social media 

context: the role of perceived ad complicity. Psychol Mark. 

2022;39(10):1853-70. 

34. Hair JF Jr, Sarstedt M. Data, measurement, and causal 

inferences in machine learning: opportunities and challenges 

for marketing. J Mark Theory Pract. 2021;29(1):65-77. 

35. Hajian S, Bonchi F, Castillo C. Algorithmic bias: from 

discrimination discovery to fairness-aware data mining. 

Paper presented at the Proceedings of the 22nd ACM 

SIGKDD international conference on knowledge discovery 

and data mining; 2016. 

36. Hastuti R. Ethical considerations in the age of artificial 

intelligence: balancing innovation and social values. West 

Sci Soc Humanit Stud. 2023;1(2):76-87. 

37. Hennink M, Kaiser BN. Sample sizes for saturation in 

qualitative research: a systematic review of empirical tests. 

Soc Sci Med. 2022;292:114523. 

38. Hermann E. Leveraging artificial intelligence in marketing 

for social good—an ethical perspective. J Bus Ethics. 

2022;179(1):43-61. 

https://creativecommons.org/licenses/by/4.0/


Int. Jr. of Contemp. Res. in Multi.                       Volume 3 Issue 4 [Jul- Aug] 2024 
 

12 
© 2024 Upasana Das. This is an open access article distributed under the terms of the Creative Commons Attribution 4.0 International License (CC BY 

NC ND). https://creativecommons.org/licenses/by/4.0/  

 

39. Hollebeek LD, Sprott DE, Brady MK. Rise of the machines? 

Customer engagement in automated service interactions. J 

Serv Res. 2021;24(1):3-8. 

40. Hunt SD, Morgan RM. The comparative advantage theory 

of competition. J Mark. 1995;59(2):1-15. 

41. Hunt SD, Morgan RM. The resource-advantage theory of 

competition: a review. Rev Mark Res. 2017;153-205. 

42. Jarrahi MH. Artificial intelligence and the future of work: 

human-AI symbiosis in organizational decision making. Bus 

Horiz. 2018;61(4):577-586. 

43. Kar AK, Kushwaha AK. Facilitators and barriers of artificial 

intelligence adoption in business–insights from opinions 

using big data analytics. Inf Syst Front. 2021;25(4):1-24. 

44. Kar S, Kar AK, Gupta MP. Modeling drivers and barriers of 

artificial intelligence adoption: insights from a strategic 

management perspective. Intell Syst Account Finance 

Manag. 2021;28(4):217-238. 

45. Kim A, Briley D. Finding the self in chance events. Int J Res 

Mark. 2020;37(4):853-867. 

46. Almuqren L, Alruwais N, Alhashmi AA, Alzahrani IR, Salih 

N, Assiri M, et al.,, WSN-Assisted consumer purchasing 

power prediction via Barracuda Swarm Optimization-driven 

deep learning for e-commerce systems. IEEE. 

2024;70:1694-1701. 

47. Mazurek G, Małagocka K. Perception of privacy and data 

protection in the context of the development of artificial 

intelligence. J Manag Anal. 2019;6(4):344-364. 

48. Mittelstadt BD, Allo P, Taddeo M, Wachter S, Floridi L. The 

ethics of algorithms: mapping the debate. Big Data Soc. 

2016;3(2):2053951716679679. 

49. Moews B, Herrmann JM, Ibikunle G. Lagged correlation-

based deep learning for directional trend change prediction 

in financial time series. Expert Syst Appl. 2019;120:197-

206. 

50. Raji MA, Olodo TB, Oke TT, Addy WA, Ofodile OC, 

Oyewole A. E-commerce and consumer behavior: a review 

of AI-powered personalization and market trends [Internet]. 

2024. Available from: 

https://www.semanticscholar.org/paper/c40a2fdc55454ccc

9096abad6c0b961e278700d9 

51. Thamma N, Anywatnapong W, Tunpornchai W, Saetang C. 

Transforming e-commerce: artificial intelligence effect on 

purchase decision and happiness [Internet]. 2024. Available 

from: 

https://www.semanticscholar.org/paper/53bc3547a4848064

99ed6629454ea8509dd350eb 

52. Nzama-Sithole L. Managing artificial intelligence 

algorithmic discrimination: the internal audit function role. 

Algorithmic Discrimination and Ethical Perspective of 

Artificial Intelligence. Springer; 2023. p. 203-219. 

53. Ogbuke NJ, Yusuf YY, Dharma K, Mercangoz BA. Big data 

supply chain analytics: ethical, privacy and security 

challenges posed to business, industries and society. Prod 

Plan Control. 2022;33(2-3):123-137. 

54. Timothy OT, Fisayo AA, Thiru R, Raji MA, Olodo HB. 

Impact of AI chatbots on youth consumer behavior in e-

commerce: evidence from southwest, Nigeria [Internet]. 

2024. Available from: 

https://www.semanticscholar.org/paper/b146bde7a00b4d21

9f29ad82b9d374b79021ac8e 

55. Parker DW, Parsons N, Isharyanto F. Inclusion of strategic 

management theories to project management. Int J Manag 

Proj Bus. 2015;8(3):552-573. 

56. Quach S, Thaichon P, Martin KD, Weaven S, Palmatier RW. 

Digital technologies: tensions in privacy and data. J Acad 

Mark Sci. 2022;50(6):1299-1323. 

57. Rathore B. Digital transformation 4.0: integration of 

artificial intelligence and metaverse in marketing. Eduzone. 

2023;12(1):42-48. 

58. Ritter C, Koralesky K, Saraceni J, Roche S, Vaarst M, 

Kelton D. Qualitative research in dairy science: a narrative 

review. J Dairy Sci. 2023;106(9). 

59. Saez-Ortuño L, Sanchez-Garcia J, Forgas-Coll S, Huertas-

García R, Puertas-Prat E. Impact of artificial intelligence on 

marketing research: challenges and ethical considerations. 

Philos Artif Intell Place Soc. IGI Global; 2023. p. 18-42. 

https://creativecommons.org/licenses/by/4.0/
https://www.semanticscholar.org/paper/c40a2fdc55454ccc9096abad6c0b961e278700d9
https://www.semanticscholar.org/paper/c40a2fdc55454ccc9096abad6c0b961e278700d9


Int. Jr. of Contemp. Res. in Multi.                       Volume 3 Issue 4 [Jul- Aug] 2024 
 

13 
© 2024 Upasana Das. This is an open access article distributed under the terms of the Creative Commons Attribution 4.0 International License (CC BY 

NC ND). https://creativecommons.org/licenses/by/4.0/  

 

60. Saurabh K, Arora R, Rani N, Mishra D, Ramkumar M. AI 

led ethical digital transformation: framework, research and 

managerial implications. J Inf Commun Ethics Soc. 

2022;20(2):229-256. 

61. Scarpi D, Pizzi G, Matta S. Digital technologies and privacy: 

state of the art and research directions. Psychol Mark. 

2022;39(9):1687-1697. 

62. Selbst AD, Boyd D, Friedler SA, Venkatasubramanian S, 

Vertesi J. Fairness and abstraction in sociotechnical systems. 

Paper presented at the Proceedings of the conference on 

fairness, accountability, and transparency; 2019. 

63. Strusani D, Houngbonon GV. The role of artificial 

intelligence in supporting development in emerging 

markets. Terry G, Hayfield N, Clarke V, Braun V. Thematic 

analysis. The SAGE Handbook of Qualitative Research in 

Psychology. 2017;2:17-37. 

64. Umer M, Awais M, Muzammul M. Stock market prediction 

using machine learning (ML) algorithms. ADCAIJ. 

2019;8(4):97-116. 

65. van Giffen B, Herhausen D, Fahse T. Overcoming the 

pitfalls and perils of algorithms: a classification of machine 

learning biases and mitigation methods. J Bus Res. 

2022;144:93-106. 

66. Varadarajan R. Customer information resources advantage, 

marketing strategy and business performance: a market 

resources based view. Ind Mark Manag. 2020;89:89-97. 

67. Verma S. Weapons of math destruction: how big data 

increases inequality and threatens democracy. Vikalpa. 

2019;44(2):97-98. 

68. Verma S, Sharma R, Deb S, Maitra D. Artificial intelligence 

in marketing: systematic review and future research 

direction. Int J Inf Manag Data Insights. 2021;1(1):100002. 

69. Wakunuma K, Jiya T, Aliyu S. Socio-ethical implications of 

using AI in accelerating SDG3 in least developed countries. 

J Responsible Technol. 2020;4:100006. 

70. Wang X, Tajvidi M, Lin X, Hajli N. Towards an ethical and 

trustworthy social commerce community for brand value co-

creation: a trust-commitment perspective. J Bus Ethics. 

2020;167(1):137-152 

71. Wedel, M. and Kannan, P. (2016), “Marketing analytics for 

data-rich environments”, Journal of Marketing, Vol. 80 No. 

6, pp. 97-121. 

72. Wieringa, J., Kannan, P., Ma, X., Reutterer, T., Risselada, 

H. and Skiera, B. (2021), “Data analytics in a privacy-

concerned world”, Journal of Business Research, Vol. 122, 

pp. 915-925.  

73. World health organization (WHO) (2021), “Ethics and 

governance of artificial intelligence for health: WHO 

guidance”.  

74. Wright, S.A. and Schultz, A.E. (2018), “The rising tide of 

artificial intelligence and business automation: developing 

an ethical framework”, Business Horizons, Vol. 61 No. 6, 

pp. 823-832.  

75. Wu, C.W. and Monfort, A. (2023), “Role of artificial 

intelligence in marketing strategies and performance”, 

Psychology and Marketing, Vol. 40 No. 3, pp. 484-496. 

76. Yikang Yan (2024). "The Impact of E-commerce and Social 

Media Personalized Recommendations on Consumer 

Behavior in the Digital Era from the Perspective of 

Behavioral Economics". 

https://www.semanticscholar.org/paper/792bed0174bed791

8712be0944d2e6eaa1c2f9f3 

 

 

Creative Commons (CC) License 

This article is an open access article distributed under the terms and 
conditions of the Creative Commons Attribution (CC BY 4.0) 

license. This license permits unrestricted use, distribution, and 
reproduction in any medium, provided the original author and 

source are credited. 

https://creativecommons.org/licenses/by/4.0/
https://www.semanticscholar.org/paper/792bed0174bed7918712be0944d2e6eaa1c2f9f3
https://www.semanticscholar.org/paper/792bed0174bed7918712be0944d2e6eaa1c2f9f3

